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Abstract

The cryptocurrency market has been described as revolutionary due to the constant technological
evolution and innovation that the blockchain technology provides. Leading many to believe that
this could be the next step for the human race, just like how fiat currency replaced gold.
Cryptocurrencies were originally created to be a form of savings or income for the unbanked, reduce
costs and energy consumption, for a means of data transparency and to remove financial
intermediaries. It is undeniable that the cryptocurrency market has created a divide of opinions, as
some look to explore the market further while others reject the thought of adopting this innovative
technology completely. This study focuses on the perception and intention to use cryptocurrencies.
Diving into previous literature about the adoption of cryptocurrencies and new technologies.
Highlighting key factors that can affect an individual’s perception and gaps in the literature that
need to be explored further. A quantitative approach was used to gather data from 102
participants. The findings indicated that performance and effort expectancy as the most influential
variables for cryptocurrency adoption, as people seek understanding as what benefits
cryptocurrencies can provide for them when they feel incapable of using the innovative technology.
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1. Introduction

A cryptocurrency is essentially a form of digital or virtual currency that is impossible to
counterfeit or double-spend, due to the currencies decentralized networks that are based
on blockchain technology (Schaupp, 2018). The cryptocurrency market is a dynamic
industry, that is very innovative as it consistently develops or improves new technology.
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Many experts believe that cryptocurrency cannot be stopped, and its inevitability going
to become the ‘gold standard’ (Carson et al., 2018; Schaupp, 2018; Deloitte, 2015).

The birth of Bitcoin in 2009 would be the start of the cryptocurrency market and a new
finance counterculture. At this point Bitcoin didn’t have a tangible value and was used to
reward others for their comments in certain forums (Simonite, 2011). The first recorded
“real” transaction was in 2010, the purchase of two pizzas for 10,000 Bitcoin. At the time,
the value of the two pizzas would be $30, however the next 11 years would see Bitcoin’s
price and value drastically rise. As of today (10/02/21) one Bitcoin is worth around
$45,000, which effectively means the value of those pizzas with the inflated price applied
is $450 million (Ledger, 2019). This highlights the astronomical rise of value of Bitcoin and
the cryptocurrency market.

Since the birth of Bitcoin, the cryptocurrency market is much more diverse and in just over
a decade there are now more than 6000 forms of cryptocurrencies, known as ‘coins’,
available (Hileman & Rauchs, 2017). The evolution of the cryptocurrency market has seen
the total market cap to be valued at over S1trillion (CoinGecko, 2021), in comparison to
the gold market, the cryptocurrency market is only worth roughly 10% of the gold market
(Business Insider, 2021). Many experts predict that the cryptocurrency market will
continue to grow and exceed the market cap of Gold (Carson et al., 2018; Schaupp, 2018;
Deloitte, 2015).

As previously stated, the cryptocurrency market has been a catalyst for technological
advancement. A significant event of this was the introduction of Ethereum. Ethereum
were one of the first cryptocurrencies to implement smart contracts and ERC tokens, so
that an ecosystem could run on their blockchain and host its own native currency at the
same time (Ledger, 2019). Smart contracts have been labelled as the replacement of
lawyers. This is because smart contracts are a computer code that can verify, facilitate,
and enforce the agreement of a contract while being stored on the blockchain based
platform (Harvard Law, 2018). A blockchain’s decentralized system allows smart contracts
to effectively reduce time and expenses by not involving a ‘middleman’. Including the use
of smart contracts, Ethereum’s application of ERC tokens was able to give the ability of
other cryptocurrencies to run on Ethereum’s blockchain, without the need of their own
blockchain network to be developed.

Currently in society cryptocurrencies have started to become adopted by mainstream
markets. An example of this is JP Morgan’s confidence of Bitcoin to continue its price
surge, as the possibility of one Bitcoin reaching six figures is becoming more realistic. This
was supported by the fact that PayPal would allow their users to perform transactions,
whether it was selling or buying, with the use of Bitcoin (Bambrough, 2020). Then in
February 2021, Elon Musk announced the $1.5 billion acquisition of Bitcoin, and that Tesla
would be the first automaker to accept Bitcoin as payment for their vehicles (CBNC, 2021).
This shows the progress Bitcoin has made to become a more orthodox currency, but with
this progress there are still doubters and implications for Bitcoin and other
cryptocurrencies to become fully adopted in society. Current US Treasury Secretary, Janet
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Yellen, has proposed increasing capital gains tax and implementing an unrealised capital
gains tax (Mohsin & Condon, 2021). Proposing capital gains tax on potential profit that
hasn’t been cashed in yet could cause a downfall for cryptocurrencies by causing a
considerable drop of the investment into the cryptocurrency market. However, this would
also cause investment in regular stocks and other investment avenues to be less enticing
and likely for investors to venture into other foreign markets. This has already been seen
as foreign institutional investors have ploughed $20 billion into the Indian market, since
the start of 2021 (Business Insider, 2021). In addition, the Spanish Government approved
a bill that forces their population to disclose any cryptocurrency holdings as they look to
tackle tax avoidance (Bitcoin, 2020).

As some governments, companies and investors are starting to accept the use of
cryptocurrencies and others are strongly rejecting, it is hard to determine the perception
and acceptance of the mass population. Therefore, understanding how cryptocurrencies
is perceived by the mass population is vital to comprehend the potential success and
adoption of this emerging market. Hence, this study will look into literature based on new
technology and cryptocurrency acceptance and adoption.

2. Literature Review

This chapter will explore current literature and provide an overview of theoretical
research to evaluate the aim of this study and establish fundamental background
knowledge to compose research objectives. The researcher will delve into literature based
on the acceptance and adoption of new technologies, more specifically cryptocurrencies.

2.1. Radical Innovation

In the modern world, technological changes can be seen as the most powerful component
of growth (Sood & Tellis, 2005). There have been continuous studies (Garud & Tuertscher,
2013; Adner & Kapoor, 2016) of the effects, positive and negative, of radical innovation.
But these studies have mainly been based within organisations. Radical innovation can
create new markets and lead to extraordinary growth (Pham, 2011), which the
cryptocurrency market has demonstrated in the short time of its existence. Therefore, it
is critical to understand how consumers react and perceive radical innovation so that
when changes are proposed they are marketed to suit the consumer, but also that a
consumer’s intention and motivation is understood.

2.1.1. Adoption and Attitude ‘models’

Over time there have been various conceptual models for understanding consumer
acceptance or adoption of new technology and radical change. Traditionally, models that
looked at the acceptance of technology focused on attitudes and usefulness (Masrom,
2007). The Technology Acceptance Model (TAM) was constructed by Davis (1989), which
was based on the Theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975). TRA was a
psychological study to show that an individual’s behaviour and intention stemmed from
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the persons beliefs and motivations. TAM model is more specific and proposes how the
consumer perceives the ease of use and how useful the technology is establishing a
consumer’s attitude towards using, the subsequent behavioural intention and the actual
use of the new piece of technology. TAM has since been applied to many studies of
understanding the behavioural intention for new technology. For example, word
processors (Davis et al., 1989), spreadsheet applications (Mathieson, 1991), web browser
(Morris & Dillon, 1997), blackboard (Landry, Griffeth & Hartman, 2006) and the
improvement of financial reporting by utilising blockchain technology (Borhani, 2021).

TPB (Theory of Planned Behaviour) has been applied to the intention of using
cryptocurrency, the TPB factors include attitude, subjective norms, and perceived
behavioural control as extensions so that non-volitional behaviours are considered for
predicting behavioural intention (REF). TPB is a highly respected model and has been
applied to e-government research that investigates the adoption of new technologies
(Schaupp & Festa, 2018). TPB explained a 58% total variance with regards to the intention
to use cryptocurrencies (Schaupp, 2018). Which highlights that all the components of the
TPB model were found to positively influence the intention to use cryptocurrencies.
‘Unified theory of acceptance and use of technology’ (UTAUT) (Venkatest et al., 2003) is
developed later, taking inspiration from the Theory of Planned Behaviour (Ajzen, 1991).
Staying in line with the TAM, the UTAUT explores performance expectancy and effort
expectancy with additional factors of social influence and facilitating conditions. The
model also adds moderating variables that are assumed to influence the key variables on
usage and intention (Omer, 2015), these are focused on: Gender, Age, Experience and
Voluntariness of use. These variables show the depth of how demographics can influence
a person’s attitude towards new technology and their intention to use it (Williams, 2015).

Figure 1 The unified theory of acceptance and use of technology model
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Source: Venkatest, 2003.

Overall, the UTAUT model shows a direct link between the four detrimental factors on the
intention to use new technology (Venkatest et al., 2003). The literature surrounding
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UTAUT is not consistent. For example, Moon and Hwang (2018) study found that effort
expectancy and social influence positively affected intention to use crowdfunding
services. In contrast, performance expectancy and facilitating conditions were important
antecedents of a consumer’s behavioural intention to use online banking (Khan et al.,
2017). When looking at payment authentication systems as an example, it was found that
performance and effort expectancy positively affected intention as well as social influence
(Kim et al., 2018). Makanyenza and Mutambayashata (2018) looked at the behavioural
intention of adopting ‘plastic money,” more commonly known as credit or debit cards.
They found that performance and effort expectancy were the only variables to positively
influence the intention to use ‘plastic money’.

When looking at the cryptocurrencies literature, the results were quite contradicting. For
example, in one study perceived usefulness was found as the most influential factor in the
intention to use cryptocurrencies but there was no direct support that social influence
affected the intention to use (Mendoza-Tello et al., 2018). However, in a study based on
TPB people who were affected by social influence regarding the use of cryptocurrencies
had their intentions to use cryptocurrencies affected positively and negatively, depending
on the social influence (Schaupp & Festa, 2018). Eton and Doige (2018) found that 29% of
Europeans wouldn’t invest into cryptocurrencies due to stocks and shares being less risky.
Another study by Gao et al. (2016) found that non-users of cryptocurrencies felt incapable
of adopting them. Another study found that effort expectancy negatively influenced the
intention of use of cryptocurrencies as participants felt cryptocurrencies are a difficult
technology to use (Krombholz et al., 2017). However, a study based in China on the
acceptance of cryptocurrencies (Shahzad et al., 2018) showed that both perceived
usefulness and ease of use significantly influenced the intention to use cryptocurrencies.

2.1.2. Financial knowledge

Cryptocurrencies are considered as a financial product. Financial knowledge has been
defined as the extent of knowledge a person holds about financial concepts and the
capacity in which they can apply their knowledge for financial decision making (Stolper &
Walter, 2017).

There has been a considerable amount of research that illustrates financial knowledge
being a predictive factor for financial behaviours (Hastings, 2013; Van Rooij et al., 2011,
Lam & Lam, 2017). Financial literacy is known for being influential in the financial decision-
making process, this is because people with low levels of financial literacy are considerably
less likely to invest in stocks and shares (Van Rooj et al., 2011). This was also demonstrated
in Lusardi and Mitchell’s (2014) literature review, that the greater the financial knowledge
the greater the likeliness is to invest in financial and stock markets. Higher levels of
financial knowledge are not always determined by the level of education, whether that is
institutional or voluntary, it can be seen as the ability to save money, participate in any
regime that can benefit financially, and the selection of financial products, as well as the
more tentative an individual is with their everyday spending (Stolper & Walter, 2017).
Research has also shown the direct effect knowledge on individual’s participation in
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services such as credit cards, mortgages, investment and retirement savings plan like. The
lower the knowledge the less likely a participant is to use those products (Hastings et al.,
2013).

2.2. Social aspects effects on acceptance
2.2.1. Gender

There are studies regarding the difference between genders in technological acceptance,
overall, it is seen that males are more confident in their ability to use new technology
compared to the female (Vekiri & Chronaki, 2008). This effects how females accept new
technology, which results in women typically exhibiting lower levels of attitude towards
technology (Anderson et al., 2008). Some researchers have proposed that the reason for
this stigma is that women generally don’t currently have many technological role models
(Marx & Roman, 2002), plus, IT occupations are seen as too ‘technical,” and ‘masculine,’
(Kvasny et al., 2011).

Furthermore, as previously stated, cryptocurrency is also seen as an innovative piece of
financial technology. Therefore, it is also key to examine the differences in gender when
it comes to financial decision making. There has been a variety of research regarding
financial decision making between genders and it has found that women are less
confident in their abilities to make financial decisions (Zinkhan & Karande, 1991; Stinerock
etal.,, 1991), while also exhibiting a lower level in risk for the decisions they make (Johnson
& Powell, 1994). Which would produce valid reasoning if it was seen that women felt
considerably less comfortable than men to invest in cryptocurrencies because of the high-
risk image, however, this research could be seen as outdated as a recent UK survey
concluded that 2 in 5 cryptocurrency investors are women (Gemini, 2021).

When looking specifically at gender differences with regards to cryptocurrency, it is easy
to see that acceptance could differ due to the amount of exposure. While men still make
up of over 50% of cryptocurrency investors, for women to accumulate as roughly 40% is
astonishing considering nearly 2 out of 3 women feel they are limited to cryptocurrency
exposure (Gemini, 2021), this exposure could include all channels of media and general
conversation because of the assumption women are less interested in finance or
technology (Sieverding & Koch, 2009; Stinerock et al., 1991). Therefore, must be
considered that the reason for men being more open to the investment or intention to
use cryptocurrencies is because the exposure they receive and the quality of information
through media channels. However, after taking all this into account the author concluded
that the research did not need to be gender specific. This was due to the cryptocurrency
market being relatively equal and that financial knowledge had already been found to be
level between genders. Plus, by it not being gender specific it could produce a greater
generalisation of the mass population, which is what the researcher wanted to achieve.
Moreover, previous literature highlighted gender differences for technological knowledge
and skills, which highlights the influence technological knowledge could have on the
perception and intention to use cryptocurrencies.
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2.2.2. Generational differences

A generational cohort is constructed of people with comparable life experiences due to
the similarity in time periods in which they were raised (Bakewell & Mitchell, 2003). This
has led to presumptions that individuals of a certain cohort tend to have behavioural and
psychological traits that coincide with other individuals of that cohort and developing
different patterns of values, attitude, and preferences of other cohorts (Parment, 2013).

Looking at literature that focuses on how generational cohorts perceive cryptocurrencies
can be conflicting. One study showed that due to the assumption that technological
awareness is needed to invest or use cryptocurrencies that the older generations are less
likely to use, and because it is an unregulated market, they have less trust (Alaeddin &
Altounjy, 2018). However, Grayscale (2019) found that the average age of investor in the
U.S was 45 years old, contradicting that the cryptocurrency market is predominately made
up of Generation Z and millennials (18-30 years old), although this could be because of
occupational background and the process of mainstream finance firms recognising the
opportunity that cryptocurrencies provide (Lammer et al., 2019). Nevertheless, there are
conflicting results, this is because nearly 72% of people aged 45+ in the UK expressed no
interest whatsoever in investing or using cryptocurrencies (Gemini, 2021). While another
study highlighted that cryptocurrency adopters tended to be individuals benefiting the
least from existing financial systems and opportunities (Johnson & Krueger, 2021),
supporting the idea that the younger generation is more open to the change as they feel
it will be more beneficial for themselves in the long run. Plus, it was also seen that
Millennials are more likely to adopt cryptocurrencies due to the fact they were raised
during the rapid development of technology and that the cryptocurrency market provides
a viable way of modernizing capitalism (ING, 2018). The author concluded there was no
need to research a specific generational cohort due to previous literature claiming that
younger people may invest because of current financial systems not favouring them and
older cohorts being investors due to their occupation, therefore, highlighting the potential
influence any knowledge has on attitude and intention to use cryptocurrencies.

2.2.3. Socio-economic and demographic factors

Many people seem to think that the cryptocurrency market is filled with extremely rich
men or young students aiming to get monetary benefits that current financial systems
don’t provide. Technically, they would be correct. Studies have shown that the average
cryptocurrency investor has a significantly higher income compared to those who have
not invested in cryptocurrencies (Smyth, 2013) and that, in the UK, 2 out of 5 investors
were women (Gemini, 2021). Since men seem to naturally adopt new technology more
than women, the market is dominated by the male gender (Lammer et al., 2019).

Due to this, the market is achieving the opposite of what cryptocurrencies originally stood
for. Cryptocurrencies were created to be decentralized and unregulated so that it could
be a source of income or serve as payment for the unbanked population (Saiedi, 2019).
This was to help the unbanked by removing any financial intermediaries that prevented
them from purchasing properties as an example (Schaupp, 2018), made possible by
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reducing transaction fees and providing data transparency. Gemini (2021) claimed that
the cryptocurrency market wasn’t just full of the wealthy population, as 91% of UK
cryptocurrency investors had an income of less that £100,000 a year. This result is quite
subjective as the median annual wage in the UK is £22,000 and only 1% of the UK
population earn upwards of £100,000 (Lambert, 2019).

It is understandable that financial investors are taking advantage of the growth that the
cryptocurrency market is providing. But as cryptocurrencies were originally for the
unbanked (Saiedi, 2019) this highlights further how the performance of cryptocurrencies
impacts people’s perception and intention, further highlighting the potential impact
financial and technological knowledge can have on an individual’s perception and
intention.

2.3. Conclusion

In a world where cryptocurrencies have become more accessible than ever (Schaupp,
2018) and the process of mass adoption into mainstream markets has begun (Shazad et
al., 2018), there are now numerous applications and websites that allow the purchase and
transfers of cryptocurrencies, as well as payment merchants like PayPal allowing
transactions to be completed using cryptocurrencies and crypto.com becoming a 2021
sponsor for Aston Martin’s Formula 1 team. There seems to still be caution when adopting
cryptocurrencies as a new technology and the intention to use or invest is relatively low.

Based on the relevant literature, there are four factors that will be explored in this study:
The Financial knowledge and its influence on people’s intentions to use cryptocurrencies;
Technological knowledge is another factor, as previous literature had stated that people
felt incapable of using cryptocurrencies and highlighted how different skill sets affected
individual’s attitude to adopt new technologies. The final two components are
performance and effort expectancy. This is because throughout reviewing literature
based on the adoption and acceptance of new technologies, including cryptocurrencies.
Individuals were highly affected by the ease of use and what the product would provide
for them. Taking this all into account the following hypotheses were constructed:

e Hp la: Thereis a positive relationship between Financial Knowledge and attitude
towards cryptocurrencies.

e Hp 1b: There is a positive relationship between Financial Knowledge and the
intention to use cryptocurrencies.

e Hp 2a: There is a positive relationship between Technological Knowledge and
attitude towards cryptocurrencies.

e Hp 2b: There is a positive relationship between Technological Knowledge and the
intention to use cryptocurrencies.

e Hp 3a: There is a positive relationship between Performance Expectancy and
attitude towards cryptocurrencies.

e Hp 3b: There is a positive relationship between Performance Expectancy and the
intention to use cryptocurrencies.
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e Hp 4a: There is a positive relationship between Effort Expectancy and attitude
towards cryptocurrencies.

e Hp 4b: There is a positive relationship between Effort Expectancy and the
intention to use cryptocurrencies.

e Hp 5: Performance and effort expectancy, technological and financial literacy and
attitude are all antecedents of intention to use cryptocurrencies.

Figure 2 The researcher’s conceptual framework

Performance
Expectancy

Intention

Financial
Literacy

Source: Authors’ synthesis, 2021

3. Methodology

3.1. Introduction

The study follows a positivist perspective that allows the researcher to remain
independent from the data with an objective stance (Saunders et al., 2012). A deductive
approach is selected, which is usually associated with quantitative methods so that
hypotheses can be tested (Robson, 2002) and to stress the importance of selecting a
sufficient sample size so that results can be generalised (Saunders et al., 2012).

The method that best suits the research philosophy and approach is a quantitative mono-
method, as the best suited tool for this research is a quantitative survey strategy. This is
because a deductive approach and a piece of exploratory research is best complemented
by a quantitative survey (Saunders et al., 2012). A survey is the most convenient way to
gather quantitative results due to the fast and inexpensive nature you can gather data
from large samples about attitude’s, beliefs, and behaviours (Mitchell & Jolley, 2013), and
with a larger sample it is easier to generalise characteristic results towards a population
using statistical methods (Collins & Hussey, 2014). As there was an absence of an
independent investigator, self-administered questionnaires were used for accessible

117



HOLISTICA Vol 12, Issue 2, 2021, pp.109-144

distribution and to preserve anonymity, which resulted in a reduction of social desirability
(Lin, 2004). Furthermore, by adopting this strategy the participants have greater control
due to participating in their own and regular environment. Additionally, to ensure on a
high responsiveness from the sample there was some time spent composing and testing
the survey (Saunders et al., 2012). To maximise the response rate, participants must trust
the researcher (Dilman, 1978) and trust was built by assuring anonymity when responding
to the survey.

This study solely focuses on the perception and intention to use cryptocurrencies. Having
looked at previous literature, it was deemed unnecessary to research a specific sample
regarding age or gender. Therefore, this research was aimed at all adults (18+ years old),
as they have the ability and capacity to potentially use or invest in cryptocurrencies. Figure
3 is a demonstration of the gender split in the UK, showing that the population is close to
a 50:50 split.

Figure 3 UK gender population split

40
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Source: Statista, 2021

A snowball sampling method was considered as this would give the researcher access to
participants that are involved in cryptocurrency networks and forums (Ghauri &
Grgnhaug, 2005). However, as the research didn’t require participants to be involved in
cryptocurrencies already, a convenience sampling was best suited. This is because the
sample did not need to be controlled and have certain representatives, plus, it reduces
pressure from time constraints (Gravetter & Forzano, 2012).

As this piece of research has adopted a non-probability sampling method, previous
studies have shown that a sample size should be a ratio of 10:1 compared to participants
and hypotheses (Hair et al., 2010). Taking this into account, the sample size needs a
minimum of 100 participants before the researcher can start identifying relationships in
the data to increase statistical power.
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As the surveys are self-administered, the design is vital to ensure that the participants
complete the survey themselves (Lee & Lings, 2008). In previous literature, there have
been 3 key components for design methods: adopting existing instruments, adapting
and/or modifying existing instruments, and developing new instruments (Tran, 2009). To
ensure that results were easy to process statistically and to create increased uniformity,
the survey made use of close-ended questions (Babbie, 2010). Additionally, close-ended
guestionnaires apply speed benefits and will ensure that total time for completion
remains relatively low (Maylor & Blackmon, 2005). The survey applied a balanced 7-point
Likert-type scale, as this number would remove the possibility of bundled results while
still preserving detailed data (Lee & Lings, 2008). The structure of the survey was also
considered, questions regarding the topic were grouped together and then more personal
guestions were grouped towards the end (Lee & Lings, 2008). Furthermore, the number
of questions was kept at a minimum as it is known shorter questionnaires generate a
higher response rate as it minimises participants frustration (Gill et al., 2010; Brace, 2013).

In the questionnaire design, the study employed existing scales and modified the wording
to fit the purpose of the research. To test attitude, the researcher adapted from Chang'’s
(2017), to test technological and financial literacy, scales were adopted from Hasting’s
(2013) to study the financial literacy and economic outcomes. Plus, consumer intention
was adapted from Davis’ (1989) Technology Acceptance Model, and performance and
effort expectancy were adapted from Venkatesh’s (2003) UTAUT model.

The researcher also had to consider order effects, practice and participant fatigue for
control measures and to make sure each survey was completed properly (Mitchell &
Jolley, 2010). This was achieved by randomising certain questions regarding intention.
Plus, adding in a question stating, ‘Please click strongly disagree,” so that the researcher
was sure to have each participant’s full attention and it allowed the researcher to separate
invalid and valid data before analysing further.

3.2.  Pilot survey

Previous studies have stated that most problems regarding surveys are due to minimal
design and planning, as well as, asking the wrong questions (Oppenheimer, 1992).
Therefore, to avoid these difficulties a pilot study was employed. Firstly, as the
researcher’s supervisor is an expert, they provided initial feedback on the survey’s
suitability. Amendments were made based on the recommendations from the supervisor
before the pilot test (Saunders et al.,, 2012). It's recommended that there are 10
participants involved in the pilot test (Saunders et al., 2012), as this is a sufficient sample
to acknowledge any issues with structure, form and understanding (Cargan, 2007). For a
structured feedback, a short questionnaire was constructed that applied Bell’s (2010)
instructions. The pilot survey resulted in an overall satisfaction with the design of the
survey, however, some wording was altered to simplify the questions as some participants
felt it was confusing.
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3.3. Questionnaire distribution

When selecting distribution channels, online distribution was seen as the best fit. This was
because it allowed a greater reach than other channels, plus, was seen as most effective
due to the low costs and quick completion times (Rose et al., 2015). As previously stated,
the sampling method would be a convenience method. As this research didn’t require
certain demographics or personal interests, making the questionnaire easy to distribute
to a broad sample was the main scope. Additionally, 95% of the UK population own a
smart phone (Statista, 2020) so every respondent the questionnaire reached should be
capable of completing.

3.4.  Reliability and validity

With a survey, the reliability and validity are two vital components. For a survey to be
reliable, it requires the sample to be able to produce consistent results if completing the
survey more than once. Validity is if the survey is collecting data on what is needed (Brace,
2013). From the pilot test, it was apparent that questions were understood, it maintained
participants attention and had a logical order. In addition to this, as the survey provided
participants with anonymity and there was no interviewer, then social desirability bias
would have fallen (Bradburn et al., 2004).

Avast number of researchers have suggested that an optimum points scale, that shouldn’t
assist in response error, is between 1 and 7 (Krosnic & Fabigar, 1997) and, therefore,
increasing the validity of the data. With non-probability sampling, there can be cases of
bias which causes difficulty in generalising the data (Sekaran & Bougie, 2009). However,
non-probability samples can accumulate data that is useful in exploratory research
(Wegner, 2007). Additionally, one major problem with self-completion surveys that are
online is that it is hard to be certain who is participating in the survey (Bryman & Bell,
2011). This issue was addressed by the researcher adding an introductory statement that
detailed the requirements of the participants needed.

3.5.  Ethical considerations

Potentially the biggest concerns when conducting research that requires a survey is
protecting the sample’s interests, well-being, and identity (Babbie, 2010). By using an
introductory sheet that defined the data storage systems, who would have access and
how long it would be stored for (Oliver, 2010), this dealt with the concerning issues.
Moreover, as the survey didn’t require personal details, anonymity was established
(Saunders et al., 2012). To ensure that participants had provided informed consent based
on that they understood the nature of the research, a tick box was provided (Wilson,
2014). Finally, participants were given the option to back out of the survey if at any point
they were uncomfortable. An ethics checklist followed, and participants were given an
information sheet with a consent form.
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4. Research findings and analysis

4.1.  Final sample

The final sample consisted of 371 people. However, this number was reduced to 126
because of participants not completing the survey fully. Incomplete surveys were a
limitation that was accepted when opting for this research method (Zhang, 2000), to
combat this, a survey progress bar was provided so that participants knew how far into
the survey they were (Denscombe, 2014). Additionally, another 24 responses were invalid
and removed from the final sample. The researcher added a question stating to answer
with ‘Strongly Disagree’, to test participant’s attention, in which only 102 correctly
answered and therefore only their data was valid. Moreover, the sample was relatively
evenly split between genders (56:46), but slightly favoured males, which is
understandable considering in the UK 3 out of 5 cryptocurrency investors are male
(Gemini, 2021). Even though this study didn’t require cryptocurrency knowledge because
it is a very niche topic this could have potentially caused female participants to not want
to take part. As a convenience sampling method was deployed, having a perfect 50:50
split was always going to be difficult. Utilising SPSS, the final sample was screened and
there were no errors or missing data (Pallant, 2010).

Table 1 Participant information 1

Groups N %
Total respondents 371 100
Incomplete survey 245 66.03

Answered attention Q wrong 24 6.5
Source: McMorrow, 2021.

Table 2 Participant information 3

Groups N %
Male 56 54.9
Female 46 45.1

Prefer nottosay 0O 0

Source: McMorrow, 2021.

Table 3 Participant information 3

Groups N %
18-24 YearsOld 56 54.9
25-30 YearsOld 11 10.8
31-36 Years Old 17 16.7
37-42YearsOld 3 2.9
43-50 YearsOld 6 5.9
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50+ Years old 9 8.8

Source: McMorrow, 2021.

4.2. Internal reliability

Cronbach’s Alpha is more commonly known as the reliability coefficient and is widely
accepted when estimating the internal consistency of a scale (Garson, 2002), which
compares how a group of variables measure against a single unidimensional construct
(Andrew et al., 2011). This piece of research used adapted scales from previous studies,
therefore, the author felt this research required testing of the reliability of each scale
using Cronbach’s alpha coefficient (Table 2). When testing reliability, the values of the
scale need to be .7 or above (DeVellis, 2003). Table 2 illustrates the internal strength of
this piece of research, each value is not lower than .7 and even as high as .940, which
highlights that this research has high internal reliability and validates that these results
are sufficient for the analysis.

Table 4 Reliability tests

Construct Cronbach’s Alpha N of items
Intention .834 3
Performance Expectancy .940 3
Effort Expectancy .887 4
Financial and Technological Knowledge .768 4
Attitude .916 4

Source: McMorrow, 2021.

4.3.  Analysis and testing

When testing hypotheses and ensuring the effectiveness of testing, it is imperative that
the best suited statistical analysis tool is selected (Saunders et al., 2012). Therefore, the
researcher performed preliminary Kolmogorov-Smirnov and Shapiro-Wilk tests. Appendix
7.2 shows that the preliminary tests resulted in consistent values of <0.05, with these
figures this means that the results are non-normally distributed and therefore tests that
use no distributional assumptions should be utilised (Mooi & Sarstedt, 2011). Although,
this research uses ordinal non-continual data by exercising a Likert scale and therefore
non-normal distribution was foreseen (Morgan et al., 2004).

4.4. Hypotheses
4.4.1. Hp laand 1b

Hp 1a: There is a positive relationship between Financial Knowledge and Attitude towards
cryptocurrencies.
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Figure 4 How financial knowledge affects attitude

Model Summary"

Adjusted R std. Error of
Model R R Square Square the Estimate

1 1392 019 009 1.17249
a. Predictors: (Constant), FL
b. Dependent Variable: Amitude

ANOVA?
sum of
Model squares df Mean Square F Sig.
il Regression 2.689 1 2.689 1.956 .165"°
Residual 137.473 100 1.375
Total 140.162 101
a. Dependent Variable: Attitude
b. Predictors: (Constant), FL
Coefficients?

standardized
Unstandardized Coefficients Coefficients

Model B Std. Error Beta t 5ig.
1 (Constant) 3.982 408 9.762 000
Bl 114 082 139 1.399 165

a. Dependent Variable: Attitude

Source: SPSS, 2021.

Figure 4 is the representation of the SPSS results when looking at the effects that financial
knowledge has on people’s attitude towards cryptocurrencies. To measure this, a simple
linear regression test was carried out. The results of the regression indicated that the
model exhibited an extremely weak 2% variance and very low positive correlation r=.139.
In addition, the model was found to be insignificant, F(1,100)=1.956, p>.005. Therefore,
taking all the statistics into consideration the researcher found that the data did not
support the hypothesis.

Hp 1b: There is a positive relationship between Financial Knowledge and the intention to
use cryptocurrencies.
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Figure 5 How financial knowledge affects intention

Model Summa\r\rh

Adjusted R std. Error of
Model R R Square Square the Estimate

I 324 105 .096 1.42450
a. Predictors: (Constant), FL

b. Dependent Variable: Int

ANOVA?
sum of
Model Squares df Mean Square F Sig.
1 Regression 23.848 1 23.848 11.752 001"
Residual 202.920 100 2.029
Total 226.768 101

a. Dependent Variable: Int
b. Predictors: (Constant), FL

Coefficients®

Standardized
Unstandardized Coefficients Coefficients

Model B std. Error Beta t Sig.
1 (Constant) 3.048 496 6.149 .000
FL 340 .099 324 3.428 001

a. Dependent Variable: Int

Source: SPSS, 2021.

Figure 5 shows the SPSS results for how financial knowledge affects people’s intentions
to use cryptocurrencies in any capacity, whether their intention is purposely for trading
or as form as transactions. Using a simple linear regression test, the results again indicated
a very weak variance of 10.5%. Although, this variance from financial knowledge was
stronger on intention rather than attitude and this was also highlighted with a slightly
stronger positive correlation of r = .324. However, this model for intention was found to
be significant as F(1,100)=11.752, p<.005. results support the hypothesis. While the
variance and positive correlation remain very weak, they still provide data showing
explanatory power (Wasserman, 2007), plus, this model was found to be significant.

4.4.2. Hp 2aand 2b

Hp 2a: There is a positive relationship between Technological Knowledge and attitude
towards cryptocurrencies.
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Figure 6 How technological knowledge affects attitude

Model Summary"

Adjusted R Std. Error of
Model R R Square Square the Estimate

ik .266% 071 061 95317
a. Predictors: (Constant), Attitude
b. Dependent Variable: TL

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 6.902 1 6.902 7.597 007"
Residual 90.853 100 909
Total 97.755 101

a. Dependent Variable: TL
b. Predictors: (Constant), Attitude

Coefficients®

Standardized
Unstandardized Coefficients Coefficients

Model B Std. Error Beta t Sig.
1 (Constant) 4.044 377 10.736 .000
Attitude 222 081 .266 2.756 .007

a. Dependent Variable: TL

Source: SPSS, 2021.

Figure 6 exhibits the SPSS results for how technological knowledge affects people’s
attitude towards cryptocurrencies. Once again this was tested using linear regression. Just
like the model for financial knowledge and attitude this showed an extremely weak
variance, although technological knowledge had a slightly stronger variance of 7% and the
positive correlation was found to be stronger at r = .266. Additionally, this model for
attitude towards cryptocurrencies was found to be significant as F(1,100)=7.596, p<.005,
unlike the model for attitude from financial knowledge. The results concluded that these
values did support the validation of hypothesis 2. While again the values were still very
weak, they still exhibited a positive correlation between the independent and dependant
variable exhibiting that there was some explanatory power (Sirkin, 2006) and the model
is also significant.

Hp 2b: There is a positive relationship between Technological Knowledge and the
intention to use cryptocurrencies.
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Figure 7 How technological knowledge affects intention

Model Summary"

Adjusted R Std. Error of
Model R R Square Square the Estimate

1 .347° 120 111 92739
a. Predictors: (Constant), Int
b. Dependent Variable: TL

ANOVA?
sum of
Model Squares df Mean Square F Sig.
1 Regression 11.749 1 11.749 13.661 000"
Residual 86.006 100 860
Total 97.755 101

a. Dependent Variable: TL
b. Predictors: (Constant), Int

Coefficients?

standardized
Unstandardized Coefficients Coefficients

Model B Std. Error Beta t 5ig.
1 (Constant) 3.985 302 13.181 000
Int 228 062 347 3.696 .000

a. Dependent Variable: TL

Source: SPSS, 2021.

Figure 7 illustrates the SPSS results for how technological knowledge affects people’s
intentions to use or invest in cryptocurrencies. As before, this was tested using a linear
regression model. The variance for intention was greater than attitude, with a small
increase to 12%, however, this is still a very weak variance, and the positive correlation
was slightly stronger at r = .347. Furthermore, this model for intention to use
cryptocurrencies was found to be significant as F(1,100)=13.661, p<.005. After examining
each value between the independent and dependent variables, this model supported
Hp2. Although the positive correlation remains very weak, it is still clear that the greater
the technological knowledge the more positive attitude towards cryptocurrencies and the
greater intent to use cryptocurrencies further highlighting that technological knowledge
does provide some explanatory power (Wasserman, 2007). This was the first hypothesis
to be fully supported by the data produced from the survey.

4.4.3. Hp 3aand 3b

Hp 3a: There is a positive relationship between Performance Expectancy and attitude
towards cryptocurrencies.
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Figure 8 How performance expectancy affects attitude

Model Sumrnar\,rh

Adjusted R std. Error of
Model R R Square Square the Estimate

1 779* 606 602 .88896
a. Predictors: (Constant), Attitude
b. Dependent Variable: PE

ANOVA?
Sum of
Model Squares df Mean Square F 5ig.
1 Regression 121.678 1 121.678 153.974 000"
Residual 79.025 100 790
Total 200.703 101
a. Dependent Variable: PE
b. Predictors: (Constant), Attitude
Coefficients?

Standardized
Unstandardized Coefficients Coefficients

Model B Std. Error Beta t 5ig.
1 (Constant) -.112 351 -.320 750
Artitude 932 075 779 12.409 000

a. Dependent Variable: PE

Source: SPSS, 2021.

Figure 8 depicts the SPSS results for how performance expectancy affects people’s
attitudes towards cryptocurrencies. This was tested using a linear regression model and
was found to be the researchers most effective variable. The variance caused by
performance expectancy on attitude was a moderate 60% and the positive correlation
was r = .779, meaning this model produced the strongest correlation. Additionally, this
model for people’s attitude towards cryptocurrencies was found to be significant as
F(1,100)=153.974, p<.005. Having established a positive correlation between
performance expectancy and people’s attitude towards cryptocurrencies, these results
supported the hypothesis and recognised that performance expectancy was the most
influential variable on people’s attitudes towards cryptocurrencies.

Hp 3b: There is a positive relationship between Performance Expectancy and the intention
to use cryptocurrencies.
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Figure 9 How performance expectancy affects intention

Model Summ:mrh

Adjusted R std. Error of
Model R R Square Square the Estimate

1 .631° .398 392 1.09936
a. Predictors: (Constant), Int
b. Dependent Variable: PE

ANOVA?
Sum of
Model Squares df Mean Square F Sig.
1 Regression 79.844 1 79.844 66.064 000
Residual 120.859 100 1.209
Total 200.703 101

a. Dependent Variable: PE
b. Predictors: (Constant), Int

Coefficients?

Standardized
Unstandardized Coefficients Coefficients

Model B Std. Error Beta T Sig.
1 {Constant) 1.333 358 3.720 .000
Int 593 073 631 B8.128 .000

a. Dependent Variable: PE

Source: SPSS, 2021.

Figure 9 is the representation of the SPSS results for how performance expectancy affects
people’s intention to use or invest in cryptocurrencies. As before, this was tested using a
linear regression model. The variance on intention to use cryptocurrencies created
because of performance expectancy was 40%, which is still weak but one of the strongest
variance’s so far and replicated that with a positive correlation of r = .631. Moreover, this
test found the model to be significant as F(1,100)=66.064, p<.005. It was evident that
there was a positive correlation between performance expectancy and people’s intention
to use cryptocurrencies and, as the model was proved to be significant, the results support
the hypothesis. This means that this hypothesis was fully supported. Notably,
performance expectancy was the only variable to create greater variance on attitude,
rather than intention.

4.4.4. Hp 4aand 4b

Hp 4a: There is a positive relationship between Effort Expectancy and attitude towards
cryptocurrencies.
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Figure 10 How effort expectancy affects attitude

Source: SPSS, 2021.

Model Summar\.'h

Adjusted R
Square

std. Error of

Model R R Square the Estimate

1 416% 173 165 1.08279

a. Predictors: (Constant), Attitude
b. Dependent Variable: EE

ANOVA?
Sum of
Model Squares df Mean square F Sig.
1 Regression 24.496 1 24.496 20.893 .000"
Residual 117.244 100 1.172
Total 141.740 101

a. Dependent Variable: EE
b. Predictors: (Constant), Attitude

Coefficients?

Standardized
Coefficients

Beta

Unstandardized Coefficients
Model B Std. Error

Sig.

it (Constant) 1.950 428
Attitude 418 .091 416

4.556
4.571

.000
.000

a. Dependent Variable: EE

Figure 10 shows the SPSS results for how effort expectancy affects people’s attitude
towards cryptocurrencies. This was tested using a linear regression model. In this model,
the variance caused by effort expectancy on people’s attitude towards cryptocurrencies
was weak, at 17%, and this was also seen in the positive correlation only being r = .416.
While both values showed there was a weak relationship between the two variables, it
was still clear that there was a positive correlation between them and showing further
explanatory power (Sirkin, 2006). In addition to this, the model was found to be significant
as F(1,100)=20.893, p<.005. Taking all the results into consideration, the hypothesis was

validated.

Hp 4b: There is a positive relationship between Effort Expectancy and the intention to use

cryptocurrencies.
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Figure 11 How effort expectancy affects intention

Source: SPSS, 2021.

Model Summary"

Adjusted R
Square

Std. Error of

Model R R Square the Estimate

1 477% 228 220 1.04617

a. Predictors: (Constant), Int
b. Dependent Variable: EE

ANOVA?

sum of

Model Squares df Mean Square

Sig.

32.292 1
100
101

1 Regression 32.292

Residual 109.448

141.740

1.094
Total

29.505

.ooo®

a. Dependent Variable: EE
b. Predictors: (Constant), Int

Coefficients?

Standardized

Unstandardized Coefficients Coefficients

Model B Std. Error Eeta

Sig.

1 (Constant) 2.078 341

Int 377 .069 AT7

6.095
5.432

000
.000

a. Dependent Variable: EE

Figure 11 illustrates the SPSS results for how effort expectancy affects people’s intention
to use or invest in cryptocurrencies. Replicating previous tests, this test utilised a linear
regression model. This model showed that the variance caused by effort expectancy on
people’s intention to use or invest in cryptocurrencies was 23%, which is relatively weak,
and this was supported with a positive correlation of only r =.477. Although these figures
are deemed as weak, it is still evident that there is a positive correlation between effort
expectancy and people’s intention to use cryptocurrencies showing that there is some
explanatory power (Wasserman, 2007). Plus, this model was found to be significant as
F(1,100)=29.505, p<.005 which supported the hypothesis.

4.4.5. Hp5

Hp5: Attitude is an antecedent of intention to use cryptocurrencies.
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Figure 12 How attitude affects intention

Model Summaryh

Adjusted R Std. Error of

Model R R Square Square the Estimate
1 667 445 440 88173

a. Predictors: (Constant), Int

b. Dependent Variable: Attitude

ANOVA?
Sum of

Model Squares df Mean Square F Sig.

1 Regression
Residual
Total

62.416
77.746
140.162

62.416 .000°

777

80.283

a. Dependent Variable: Attitude
b. Predictors: (Constant), Int

Model

Coefficients®

Unstandardized Coefficients
B Std. Error

Standardized
Coefficients

Beta t Sig.

1 (Constant)

Int

2.076
525

287
.059

7.223
8.960

.000

.667 .000

a. Dependent Variable: Attitude

Source: SPSS, 2021.

Figure 12 exhibits the SPSS results for how attitude affects people’s intention to use
cryptocurrencies. Mimicking previous tests, the researcher used a linear regression
model. From this model, the variance was found to be 45%, the second highest of any
variance in testing and close to a moderate level. The positive correlation was r =.667 and
this model was found to be significant as F(1,100)=80.283, p<.005. Therefore, taking in
the results from every test, the values support the hypothesis that every independent
variable tested and attitude are antecedents of intention to use cryptocurrencies.

Table 5 Hypotheses summary

Hypothesis Test Sig. (p) Conclusion

Hp la Linear Regression p>.05 Hypothesis Rejected

Hp 1b Linear Regression p<.05 Hypothesis Supported
Hp 2a Linear Regression p<.05 Hypothesis Supported
Hp 2b Linear Regression p<.05 Hypothesis Supported
Hp 3a Linear Regression p<.05 Hypothesis Supported
Hp 3b Linear Regression p<.05 Hypothesis Supported
Hp 4a Linear Regression p<.05 Hypothesis Supported
Hp 4b Linear Regression p<.05 Hypothesis Supported
Hp 5 Linear Regression p<.05 Hypothesis Supported

Source: McMorrow, 2021.
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This research was conducted so that a better understanding of people’s perception and
intention to use new financial technology, specifically cryptocurrencies could be made.
The conceptual framework (Figure 5) was based on variables that were exhibited in the
UTAUT technology acceptance model (Figure 4) (Venkatest et al., 2003). Financial and
technological knowledge were also added as variables for specific analysis of
cryptocurrency acceptance (Arias-Olia, 2019). The proposed model explains a total 85.5%
variance on the intention to use cryptocurrencies and a variance of 86% on the attitude
towards cryptocurrencies. This final section will summarise the key findings, any
implications, the limitations that the researcher found and suggest areas to research
further.

5.1. Summary
5.1.1. Financial knowledge

Quite a significant finding was how weak the positive correlation between financial
knowledge, attitude and intention was in this piece of research. Firstly, the test between
financial knowledge and attitude was found to be insignificant, which was the only
insignificant model that was part of this research. As all previous literature (Hastings,
2013; Lusardi & Mitchell, 2014) was focused on the influence financial knowledge had on
financial decision making, rather than the financial aspect of cryptocurrencies, the
researcher expected to make a discovery of the link between financial knowledge and
people’s attitude and intention towards cryptocurrencies. While the correlation is very
weak, it is undeniable that there is still a correlation meaning that this research supports
previous literature of financial knowledge positively influences people’s intention to use
cryptocurrencies (Arias-Oliva, 2019). Notably, the variance created on intention was
greater than attitude.

5.1.2. Technological Knowledge

As cryptocurrencies are an emerging technology this is an important factor to consider
when making assumptions on people’s intention and attitude towards cryptocurrencies.
While technological knowledge had a stronger correlation and variance compared to
financial knowledge, both were still weak. Therefore, these results could support previous
literature that people felt incapable of using cryptocurrencies (Gao et al., 2016) and that
while people might feel capable of using new technology like smart phones or apps that
cryptocurrencies is a technology that is outside of their skill set (Krombholz et al., 2017).
However, the correlation still supports previous literature stating that people were more
positive towards new technologies if they had a greater technological background (Gao
et al., 2016; Schaupp & Festa, 2018). Once again, the variance technological knowledge
caused was greater for intention than attitude.

5.1.3. Performance expectancy

When looking at people’s attitude and intention to use new technologies, performance
expectancy was one of the most prominent factors (Moon & Hwang, 2018; Kim et al.,
2018; Khan et al., 2017) and with regards to literature more specific to cryptocurrencies
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performance expectancy was seen as the most influential factor (Mendoza-Tello et al.,
2018; Farah et al., 2018). In this research performance expectancy was found to be the
most influential independent variable on people’s attitude and intention to use
cryptocurrencies, which is consistent with previous literature (Mendoza-Tello et al., 2018;
Shahzad et al.,, 2018). The models testing performance expectancy’s correlation to
attitude and intention was the only test that resulted in a greater variance for attitude
instead of intention. Highlighting that the potential monetary benefits cryptocurrencies
could offer or the thought of reaching personal goals quicker impacted people’s
perception more than just knowledge of what cryptocurrencies can provide.

5.1.4. Effort expectancy

Effort expectancy has been found in multiple pieces of literature relating to the adoption
of new technologies (Makanyenza & Mutambayashta, 2018; Moon & Hwang, 2018), and
more specifically cryptocurrencies (Gao et al., 2016; Schaupp & Fest, 2018). In previous
literature effort expectancy has also been labelled as the ease of use or perceived
behavioural control. Effort expectancy has been very influential when researching the
adoption of new technology, this is because if a person feels incapable of using it, then
they wouldn’t adopt that technology. In this research, just like other variables, effort
expectancy caused a weak variance on attitude and intention but the positive correlation
between variables was still visible. Furthermore, the data gathered from this research
would support previous literature that effort expectancy does positively influence the
intention to use cryptocurrencies (Shahzad et al., 2018; Schaupp, 2018). However, effort
expectancy was not found to be the most influential and not as critical to the success of
cryptocurrency adoption when compared to performance expectancy.

6. Discussions and Conclusions
6.1. Contributions

This research has made several theoretical contributions to the perception and intention
on using cryptocurrencies, whilst highlighting contradictions from previous literature and
should be considered for further research. This study dived into a more personal level of
what people think of cryptocurrencies and their acceptance of the new technology, which
had yet to be realised due to the market still very much being in the infancy stage. There
were positive results showing the strength of which independent variables affect people’s
attitude and intention, while also highlighting that some theoretical predictions were not
as influential as it was first thought. This research also created a framework for attitude
and intention that can be adapted in related future research.

6.2. Implications

The cryptocurrency market has undergone rapid expansion, and this has led to a
significant increase in the number of investors and users of the emerging technology, even
some companies are using it as a form of liquidation of assets. The research’s findings and
framework (Figure 5) identified can be used to guide cryptocurrency developers on how
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to develop and market their virtual currency to the mass population by addressing what
people expect and demand from a cryptocurrency. For example, some may invest and
hold to increase their wealth, therefore, developing a cryptocurrency that has the
potential for an inflation of price will need a well worked project plan. Others may use
cryptocurrencies to speed up transactions and have a more transparent monetary system,
so cryptocurrency developers should promote the speed of transactions. Cryptocurrency
innovators must market to ensure that potential investors or customers perceive the
value. In addition, this research has investigated the background knowledge of a person
financially and technologically and highlighted which background may be more influential
in the market.

6.3. Limitations and recommendations for further research

Mainly due to time constraints and the sourcing capabilities of the researcher, it was
difficult to gather a sample that could represent the entire population with high
confidence (Gill et al., 2010). This was likely to affect the generalisability of data, but
despite this, valid assumptions were still made about the sample. Additionally, due to the
sampling method used being non-probability, it meant that a vast majority of participants
were students at Bournemouth University. Although the convenience method would have
reached respondents from different areas in the UK. Future research should provide a
greater timeframe to facilitate respondents by utilising a probability sampling method so
that a broader knowledge of cryptocurrency acceptance in society can be gained. Possibly
by looking into a greater geographical area, as it is very likely that participants from
different countries will have a different output on cryptocurrencies. Moreover, allowing
the research to offer some sort of compensation or incentive so that the response rate
can be more significant, to produce a larger sample and to accommodate for the lack of
attention some respondents showed in this survey (Johnston et al., 2014).

Another factor that was not tested in this research was the sustainability of
cryptocurrencies, especially as the modern world demands more sustainable
consumption and development, this could be an influential factor. This is because the
mining process of cryptocurrencies requires immense computation resources that can
withhold large energy consumption. In comparison with how much energy is required for
1 USS of Bitcoin, is 12 megajoules more than if you were to obtain 1 USS of gold (Krause
& Tolaymat, 2018). Therefore, the sustainability of cryptocurrencies should be factored in
when researching people’s perception and intention as it could be an influential factor
throughout.

The researcher opted for a quantitative mono-method. This was due to the lack of
previous research on the perception and intention of cryptocurrencies. Therefore, the
researcher believed this method was best suited due to time constraints and to construct
more reliable generalisations of the population (Hyde, 2000). However, after careful
thought the researcher believes with lengthier time constraints and greater skill, as well
as a mixed method would be better suited. This is because while a generalisation is still
able to be concluded it gives greater insight into why individuals think a certain way about

134



HOLISTICA Vol 12, Issue 2, 2021, pp.109-144

cryptocurrencies and what they possibly aim to achieve from the emerging technology
(Wilson, 2014).
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Appendix
Pilot questionnaire feedback examples

Questionnaire Feedback

Thank you for taking part in the pilot study of my research, it was appreciated deeply.
Now could you please take some time to provide any feedback so that it can be improved.

Questions Comments
1. How long did it take you to About 5 minutes
complete the questionnaire?
2. Was it difficult to complete? Not at all, very easy to read and simple journey
3. If there were any unclear or The one that asked whether cryptocurrencies will
ambiguous questions, please state improve individual aspects could have been better
now. worded
4. Did you feel uneasy answering any Felt comfortable answering all questions
questions? If yes, which ones.
5. In your opinion, did you feel any No
major topics were left out?
6. Was the layout clear and Layout and journey very clear, aesthetic was basic but
aesthetic? that’s fine
7. Any additional comments? No

Questionnaire Feedback

Thank you for taking part in the pilot study of my research, it was appreciated deeply.
Now could you please take some time to provide any feedback so that it can be improved.

Questions Comments
1. How long did it take you to complete the Between 5-10 minutes
questionnaire?
2. Was it difficult to complete? Nope, easy to complete as was all to do with
my own opinions
3. If there were any unclear or ambiguous Nope all seemed fine to me
questions, please state now.
4. Did you feel uneasy answering any No question made me feel uneasy
guestions? If yes, which ones.
5. In your opinion, did you feel any major | wouldn’t say a major topic, but maybe ask if
topics were left out? cryptocurrencies are desirable
6. Was the layout clear and aesthetic? Yes was all good
7. Any additional comments? No
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Reliability testing using SPSS

Figure 13 Intention

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of Items
.834 827 3

Source: SPSS, 2021.

Figure 14 Performance expectancy

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha Items N of Items
940 941 3

Source: SPSS, 2021.

Figure 15 Effort expectancy

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of Items
.B87 B89 4

Source: SPSS, 2021.

Figure 16 Financial and technological knowledge

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha Items N of Items
.768 .768 4

Source: SPSS, 2021.
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Figure 17 Attitude

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's standardized
Alpha ltems N of ltems
915 916 4
Source: SPSS, 2021.
Figure 18 Test of normality
Tests of Normality
Kolmogorov-Smirnov® Shapiro-Wilk
Statistic df Sig. Statistic df Sig.
Attitude 118 102 0m 862 102 005
Int .0ee 102 081 066 102 010
a, Lilliefors Significance Correction

Source: SPSS, 2021.
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