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Abstract 1 

Social media plays a dominant role in emerging adults’ lives, with evidence showing that it 2 

can contribute to elevated levels of psychological distress. However, existing findings are 3 

contradictory, insofar as the connection between social media use (SMU) and psychological 4 

distress remains unclear. To gain a better insight into the above relationship, we focused on 5 

different styles of engagement with social media (active social, active non-social, and 6 

passive) and examined whether their impact on depression, anxiety and stress symptoms is 7 

mediated by loneliness. Data were collected via an online survey from 288 emerging adults in 8 

the UK. It was found that increased passive SMU was associated with higher anxiety, 9 

depression and stress symptoms; loneliness was associated with both SMU and psychological 10 

distress, while increased active non-social media use was associated with decreased stress. 11 

However, loneliness showed significant mediation effects only on the relation between 12 

passive SMU and psychological distress. Limitations, future research directions and 13 

suggestions for practice are discussed. 14 

 15 

Keywords: social media use, anxiety, depression, stress, loneliness, emerging adults 16 
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Social Media Use, Loneliness and Psychological Distress in Emerging Adults 1 

 2 

 3 

Social media use (SMU) is central to the lives of emerging adults, defined as young 4 

people aged between 18 and 29(Arnett, 2007; Vannucci et al., 2017). This group also 5 

experiences a high level of psychological distress (Matud et al., 2020; Vizard et al., 2020). 6 

Understanding the relationship between SMU and psychological distress in emerging adults 7 

has thus become a priority in social (Chancellor & De Choudhury, 2020), psychological 8 

(Naslund et al., 2020) and health (Ulvi et al., 2022) research. Despite such priority, however, 9 

research findings remain conflicting.  10 

Social Media Use and Psychological Distress 11 

Some research has reported a positive association between frequent SMU and 12 

increased chance of anxiety (Verduyn et al., 2015), depression (Lin et al., 2016; Primack et 13 

al., 2017; Shensa et al., 2017) and psychological distress (Chen & Lee, 2013) among 14 

emerging adults. Other research, however, proposes that SMU enables people to remain in 15 

touch with their social networks, and form and maintain social capital (Ellison et al., 2007). 16 

These findings suggest that SMU can facilitate positive subjective wellbeing (Kim & Kim, 17 

2017) and reduce loneliness (Deters & Mehl, 2013) – although it should be noted that many 18 

such findings have small effect sizes (for a review, see O’Day & Heimberg, 2021). 19 

Furthermore, some evidence directly conflicts with extant findings linking frequent SMU 20 

with psychological distress, showing no such association (Berryman et al., 2018; Heffer et 21 

al., 2019; Jelenchick et al., 2013).  22 

The Role of Loneliness 23 

As noted above, there are many factors that influence psychological distress in the 24 

context of SMU. Yet, many studies testing the relationship between SMU and psychological 25 

distress foreground the importance of loneliness (Fardghassemi & Joffe, 2022; Hunt et al., 26 

2018; Nowland et al., 2018; O’Day & Heimberg, 2021; Youssef et al., 2020). Loneliness is 27 



4 

 

considered a subjective feeling of distress, arising when social connections are perceived to 1 

be inadequate or unfulfilling (Hawkley & Cacioppo, 2010; Heinrich & Gullone, 2006). 2 

Loneliness is a growing public health issue due to its strong association with a high risk of 3 

morbidity and mortality (Cacioppo & Cacioppo, 2018; Holt-Lunstad et al., 2015); there is 4 

also substantial evidence that lonely people are more likely to suffer from impaired mental 5 

health (i.e., Wang et al., 2018b). In particular, extant research has established the detrimental 6 

effect of loneliness on anxiety and depression symptoms (Richardson et al., 2017), which can 7 

be explained by the evolutionary theory of loneliness (Cacioppo et al., 2006). According to 8 

this theory, short periods of loneliness can aid the individual in reconnecting with others. 9 

Still, if these efforts fail, the feeling of loneliness may endure, resulting in compounding 10 

psychological distress (Hawkley & Cacioppo, 2010). 11 

Numerous studies have investigated the factors contributing to loneliness among 12 

young people, informing policies and prevention strategies. Some studies have also more 13 

directly indicated that burgeoning SMU may be tied to loneliness. For example, a recent 14 

systematic review suggested a bidirectional association between loneliness and SMU 15 

(Nowland et al., 2018). In other words, it is argued that SMU is linked to increased loneliness 16 

when online activities replace offline interactions (i.e., Youssef et al., 2020). Despite 17 

evidence supporting a link between SMU and increased loneliness, some research suggests 18 

that SMU may conversely be linked to decreased loneliness, whereby online activities 19 

promote the development of existing or new relationships (i.e., Thomas et al., 2020). This 20 

model underlines the dynamic nature of this relationship, denoting that loneliness shapes 21 

individuals’ interactions with social media. For instance, lonely people are prone to negative 22 

biases and withdrawal behaviours that affect social interpretations and engagement (Nowland 23 

et al., 2018; Qualter et al., 2015). On the other hand, Satici (2019) found that shyness and 24 

loneliness mediate the positive relationship between Facebook addiction and impaired 25 
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subjective wellbeing. These findings signify that loneliness may have a mediating effect on 1 

the relationship between SMU and psychological distress, which is not well understood. 2 

However, although the plausibility of this assumption is supported by two previous studies 3 

showing reciprocal effects of loneliness on online social networking and life satisfaction 4 

(Dienlin et al., 2017; Tian et al., 2018), it remains to be tested. 5 

Theoretical Background 6 

The ambiguous relationship between SMU, psychological distress and loneliness is, 7 

in part, grounded in competing theoretical frameworks. On the one hand, the displacement 8 

hypothesis (Kraut et al., 1998; Nie, 2001) posits that replacing offline socialising with social 9 

media activities weakens ties with family and close friends, potentially decreasing 10 

psychological well-being (Ryan et al., 2017; Turkle, 2017). This hypothesis is supported by 11 

research showing that increased SMU reduces the amount of face-to-face social interactions 12 

(Ono et al., 2011), displaces the time spent on physical activities and sleep (Scott & Woods, 13 

2019; Viner et al., 2019), and exacerbates the risk of social isolation (Kraut et al., 2002) 14 

resulting in adverse psychological outcomes (Christiansen et al., 2021). Recent evidence 15 

further supports the displacement hypothesis, albeit only at an individual level (Verduyn et 16 

al., 2021).  17 

On the other hand, an opposing theory, the so-called stimulation hypothesis, argues 18 

that increased SMU is triggered by the need to enhance the quality of existing relationships or 19 

develop new ones. This purportedly leads to beneficial impacts on social connectedness and 20 

well-being. In other words, according to this hypothesis, SMU may enable individuals to 21 

improve their social capital which subsequently leads to reduced feelings of loneliness 22 

(Gross, 2004). The stimulation hypothesis is supported by evidence showing that social 23 

media enables young people to feel more connected with their friends (Deters & Mehl, 2013) 24 

and encourages communication and interactions with close and distant relationships, 25 
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therefore increasing social capital and psychological outcomes (Steinfield et al., 2008; 1 

Verduyn et al., 2017). Further indirect support can be found in research suggesting that direct 2 

or causal displacement effects of SMU are, in fact, modest (Hall & Liu, 2022). 3 

Assessment of SMU 4 

Conflicting findings on the relationship between SMU and psychological distress 5 

have been elucidated by existing theoretical work, but they may also be entangled with the 6 

variety of assessment methods used to capture SMU. For example, most studies examining 7 

the effect of SMU on psychological distress have investigated only one specific platform (for 8 

a review, see Frost & Rickwood, 2017). Most studies have also used only self-reported 9 

frequency of SMU (Lam et al., 2020), the number of social media accounts (Primack et al., 10 

2017; Vannucci et al., 2017) or the number of friends on social media platforms (Kalpidou et 11 

al., 2011; Oh et al., 2014) as measurements of SMU. However, focusing solely on the 12 

frequency and duration of SMU may be overly simplistic (Thorisdottir et al., 2019). 13 

Therefore, it is advised that, in order for researchers to evaluate such a complex concept, they 14 

should also consider how users engage with social media (Gerson et al., 2017).  15 

The Activeness of SMU 16 

               In human-computer interaction models, users are described as either “active process 17 

operators” or “passive process operators”, reflecting different interactions between users and 18 

technology (Persson et al., 2001). For example, in a study investigating social networking 19 

activity and social well-being, Burke et al., (2010) reported that direct communication 20 

between Facebook users benefits social capital and diminishes feelings of loneliness, whereas 21 

passive consumption of content was linked to opposite outcomes. This differentiation of 22 

SMU was further categorised through three distinctive features of user activeness (Burke et 23 

al., 2011): directed communication with individual friends, passive consumption of social 24 

news, and broadcasting.  25 
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Directed communication, also known as active use, entails social interactions between 1 

users (Burke et al., 2011; Verduyn et al., 2017) whereas passive use refers to consumption of 2 

information without any creation of content or direct interaction with others (Burke et al., 3 

2011; Metzger et al., 2018; Verduyn et al., 2015). Broadcasting, later labelled as active non-4 

social usage (Gerson et al., 2017), involves the production of content on social media without 5 

being directed to specific individuals (Burke et al., 2011; Gerson et al., 2017). More recently, 6 

Gerson et al. (2017) claimed that there should be a distinction between active social and 7 

active non-social and that their main difference lies on the presence or lack of direct and 8 

private sharing of information. It is speculated that researchers have previously 9 

conceptualised active non-social SMU either as passive SMU due to its non-social nature, or 10 

as active SMU due to the creation of content (Gerson, 2017).  11 

As a consequence of the categorisation problems highlighted above, emerging 12 

research exploring the effect of SMU on psychological distress has arguably merely focused 13 

on the differentiation between active and passive SMU. For instance, it has been 14 

demonstrated that active use of Facebook correlates positively with subjective well-being 15 

(i.e., Wang et al., 2018a) whereas passive use of Facebook is associated with deteriorated 16 

affective well-being over time (i.e., Verduyn et al., 2015) and increased social anxiety (Shaw 17 

et al., 2015). A more recent study signified that each one-point increase (on a scale of 1-16) 18 

in passive SMU was associated with a 33% increase in depressive symptoms and each one-19 

point increase (on a scale of 1-16) in active SMU was associated with a 15% decline in 20 

depressive symptoms (Escobar-Viera et al., 2018). Although passive SMU has been criticised 21 

about its deleterious effects on psychological distress, it has also been positively linked to 22 

emotional well-being with evidence showing that browsing old posts and pictures can have a 23 

comforting effect (Good et al., 2013). 24 

The Current Study 25 
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In general, active SMU has been linked to positive psychological outcomes, whereas 1 

passive SMU has mainly been correlated with negative psychological outcomes (Roberts & 2 

David, 2022). It is also asserted that different ways of engaging with social media affect 3 

feelings of loneliness accordingly. Moreover, previous studies have largely looked at either 4 

youth and adolescents (Ivie et al., 2020), or older people due to the growing number of older 5 

adults (Aarts et al., 2015) and the stereotype linking loneliness to ageing (Qualter et al., 6 

2015). Despite recent research progress, there remains a dearth of studies on emerging adults 7 

(Hochberg & Konner, 2020). This research gap is unfortunate, considering that this is a 8 

transitional developmental period characterised by key learning and maturing processes and 9 

high rates of psychological distress (Matud et al., 2020; Vizard et al., 2020). Additionally, 10 

robust recent evidence from a national survey in the UK (Office for National Statistics, 2018) 11 

suggests that loneliness is highest among emerging adults (aged 18–34 years) compared with 12 

older age groups. Therefore, it is important to: i) obtain a more widespread understanding of 13 

the relationship between SMU and psychological distress; and ii) reveal the mechanisms 14 

through which loneliness can mediate this relationship in this specific population. Both of 15 

these aspects are crucial for the development of practices, policies and intervention strategies.  16 

Given current research findings, it is expected that SMU will be linked to 17 

psychological distress and that loneliness will mediate this relationship. However, the 18 

distinguishing features of user activeness should also lead to differential effects. In this study 19 

we tested the above assumption by adopting Gerson et al.’s (2017) model to define and 20 

measure user engagement with social media, which is characterised as passive, active-social 21 

and active non-social. Due to a lack of research examining active non-social media usage, the 22 

relationship it has with psychological distress and loneliness remains uncertain. It can be 23 

assumed that active non-social media usage via public sharing, even though it is non-24 

directive, can promote social connectedness and can facilitate satisfaction of social needs, 25 
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which are well-known protective factors against anxiety and depression (Li et al., 2021; 1 

Thorisdottir et al., 2019), loneliness (Zhang et al., 2021) and stress (Verrelli et al., 2019).  2 

Drawing on Gerson et al.’s (2017) definition of SMU, the above evidence, and the 3 

displacement and stimulation hypotheses, we expected that: 4 

H1: Passive social media users will be at higher risk of anxiety, depression and 5 

stress because they will experience feelings of loneliness.  6 

H2: Active-social and active-non social media users will be at lower risk of 7 

anxiety, depression and stress because it will be more possible for them to feel 8 

more connected with others and less lonely. 9 

 10 

Method 11 

Sample and Procedures  12 

Data were collected from 383 young adults via an online survey which was advertised 13 

via social media to University students in the UK. Ninety-four responses were omitted from 14 

the final sample due to missing data resulting in an analytical sample of 288 participants. The 15 

final sample (N = 288) consisted of 37 males, 241 females whereas 10 participants chose not 16 

to reveal their gender; their average age was 20.75 (SD = 3.86). The majority of them were 17 

first year University students (43.06%, N = 124) and lived in university halls (41.32%, N = 18 

119). Of the 288 participants, 233 (80.90%) reported they identified with a white ethnic 19 

background, 33 (11.46%) Asian background, 14 (4.86%) mixed ethic background, three 20 

(1.04%) black background; four (1.39%) reported ‘Other ethnic background’ and one 21 

participant (0.35%) did not provide information on this question. 22 

 Informed consent was obtained electronically for all participants, and ethics approval 23 

was provided by the Ethics Committee at Bournemouth University (ethics approval ID: 24 
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28006). The online survey was hosted through Qualtrics. Participants were recruited via 1 

social media (Facebook, Twitter and Instagram) and via a Research Participation System at 2 

Bournemouth University. Primarily, participants were provided with a participant 3 

information sheet and consent form. The online survey included some demographic questions 4 

and then three questionnaires. Participants were firstly presented with the UCLA Loneliness 5 

Scale (Russell, 1996), followed by the modified version of the Passive and Active Facebook 6 

Use Measure (PAUM, Gerson et al., 2017) and lastly, the Depression Anxiety Stress 7 

Scale (DASS-21; Lovibond & Lovibond, 1995). Once the survey was completed, a debrief 8 

form was provided; it included further information about the study and details about 9 

organisations who offer support to individuals struggling with loneliness or other problems. 10 

Measures 11 

 Social Media Use (SMU) was assessed with a modified version of Passive and Active 12 

Facebook Use Measure (PAUM, Gerson et al., 2017). The wording was adapted to reflect 13 

overall SMU rather than only Facebook use. For example, “Commenting on statuses, wall 14 

posts, pictures, etc.” was changed to “Commenting on other users’ profiles”. PAUM is a 13-15 

item self-report 5-point Likert scale (1 = Never, 5 = Very Frequently), which uses the 16 

frequency of feature use to measure engagement style of social media users. PAUM consists 17 

of three subscales: (a) passive (Q4, Q8, Q11, Q13), (b) active social (Q1, Q2, Q3, Q6, Q12) 18 

and (c) active non-social media use (Q5, Q7, Q9, Q10). Items for each subscale are summed, 19 

with higher scores indicating higher passive, active social or active non-social media use. 20 

PAUM has demonstrated good psychometric properties (Gerson et al., 2017). In this study, 21 

Cronbach’s alpha was .74, .81, and .77 for passive, active social and active non-social scales, 22 

respectively.  23 
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Participants were also asked to report how many platforms they visited daily without 1 

reporting the names of the platforms. 2 

The UCLA loneliness scale, version 3 (Russell, 1996), was utilised to assess 3 

loneliness. Participants were asked to rate 20 statements assessing subjective feelings of 4 

loneliness and social alienation. The scale includes 10 negative and 10 positive items; each of 5 

them is assessed on a 4-point Likert scale (1 = never, 4 = always), with higher scores 6 

signifying greater loneliness. The scale has shown strong psychometric properties (Russell, 7 

1996). In our sample, Cronbach’s alpha was .84. 8 

Psychological distress was measured using the Depression Anxiety Stress Scale 9 

(DASS-21), the shortened version of the DASS (Lovibond & Lovibond, 1995), which 10 

evaluates emotional states of depression, anxiety and stress experienced over the past week. 11 

The scale consists of 21 items, and participants denote their agreement with the statements 12 

using a 4-point Likert scale (0= didn’t apply to me at all, 3= applied to me very much or most 13 

of the time), with higher scores representing higher levels of depression, anxiety and stress. 14 

Previous studies report good psychometric properties for DASS-21 in clinical and non-15 

clinical samples (i.e., Antony et al., 1998) and across different cultures (i.e., Norton, 2007). 16 

In this sample, Cronbach alpha was .72 for the depression subscale (DS), .75 for the anxiety 17 

subscale (AS) and .69 for the stress subscale (SS). 18 

Data analysis 19 

Data Exploration 20 

Initial inspection of the 288 data points revealed no extreme values. The rate of 21 

missing data was low (ranging 0.3% to 1.54% across all questionnaires). We used full-22 

information maximum likelihood (FIML) to handle missing observations (Enders & 23 

Bandalos, 2001).   24 
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Assumption Testing 1 

We tested our hypothesis that the relationship between different types of SMU and 2 

psychological distress is mediated by loneliness. To do so, we examined a single-mediator 3 

model with types of media use (Active Social, Active non-Social and Passive) as predictors 4 

and three dimensions of psychological distress (Depression, Anxiety, Stress) as outcome 5 

variables. Before testing the mediation model, we assessed our variables to determine if 6 

mediation was appropriate. First, we tested whether the relationship between the variables is 7 

linear (Hayes, 2013) by plotting residuals against predicted values for four regressions: (i) 8 

type of SMU predicting psychological distress (direct effect, c); (ii) type of SMU predicting 9 

loneliness (path a); (iii) loneliness predicting type of SMU (path b); (iv) type of SMU and 10 

loneliness predicting psychological distress (combined collinearity of b and c’). Second, we 11 

evaluated whether estimation error is relatively equal across all predicted Y values. Large 12 

variability of the estimation error may result in heteroscedasticity, which may affect the 13 

standard error of the regression coefficients (Hayes, 2013). Third, we assessed the normality 14 

of estimation error using a Q-Q plot for multiple regression.  15 

In order to assess the relationships between possible influences of different types of 16 

SMU on depressive, anxiety and stress-related symptoms we created structural equation 17 

models (SEM) using the Lavaan package in R (Rosseel, 2012). A mediation analysis was 18 

performed in JASP software implementing R-scripting and Lavaan syntaxis for structural 19 

equation modelling (SEM) of mediation effects with multiple predictors and outcome 20 

variables (Preacher & Hayes, 2008; Vanderweele & Vansteelandt, 2014; JASP Team, 2022). 21 

JASP (Version 0.16.3)[Computer software]. 22 

Results 23 

Descriptive statistics 24 
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Descriptive statistics of all variables tested in our hypotheses are presented in Table 1.  1 

(INSERT HERE TABLE 1) 2 

Pairwise correlations between all study measures are displayed in Table 2.  3 

(INSERT HERE TABLE 2) 4 

Psychological Distress 5 

It is worth underlining that in our sample, depression (M = 13.14, SD = 5.21) , anxiety 6 

(M = 12.52, D = 4.76), and stress levels (M = 14.89, SD = 4.73) measured by DASS-21, were 7 

much higher than in previous studies, using DASS-42 among student populations (Bayram & 8 

Bilgel, 2008: depression [M = 10.03, SD = 6.88], anxiety [M = 9.83, SD = 5.94], stress [M 9 

=14.92, SD = 6.71] ; Wong et al., (2006): depression [M = 8.66, SD = 7.54], anxiety [M = 10 

9.36, SD = 6.42], stress [M = 13.97, SD = 8.15]).    11 

Loneliness 12 

A frequency analysis of Loneliness Scale scores indicated normal distribution with M 13 

= 43.90 (SD = 9.55). It has to be noted that the distribution and descriptive statistics of the 14 

Loneliness Scale in our sample were in line with previously reported descriptive statistics in 15 

the student population (Russell, 1996). 16 

Mediation analysis 17 

The Relationship Between Different Types of SMU and Psychological Distress  18 

The results of multiple regression analyses with different types of SMU (AST – 19 

Active Social Total, ANST – Active Non-Social Total, PT – Passive Total) as predictors and 20 

psychological distress scores (AS – anxiety subscale, DS-depression subscale, SS-stress 21 

subscale) as outcome variables showed that increasing passive media use was associated with 22 

higher anxiety, depression and stress scores (Table 3). Whereas active-social media use did 23 

not show any relationship with anxiety, depression and stress, active non-social media use 24 

predicted stress scores but the relations between them showed an opposite direction, such as 25 
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increased active non-social media use was associated with a decreased level of stress (Table 1 

3).  2 

(INSERT HERE TABLE 3) 3 

Inspection of VIFs indicated the lack of collinearity between independent variables in 4 

each regression model. 5 

The Relationship Between Loneliness and Psychological Distress 6 

The results of three separate regression analyses testing whether loneliness scores 7 

predicted anxiety, depression and stress scores are summarised in Table 4.  8 

(INSERT HERE TABLE 4) 9 

 10 

The results in Table 4 indicate that loneliness scores could significantly predict 11 

anxiety, depression and stress scores, explaining 20.0%, 41.0% and 28.1% of variance in 12 

these subscales respectively. 13 

The Relationship Between Different Types of SMU and Loneliness  14 

A multiple regression model with loneliness scores as a dependent variable and three 15 

types of media use (AST, ANST, PT) as predictors explained 8% of variance in loneliness 16 

scores (F(3,270) = 8.79, p < .001). The regression model indicated that both ANST and PT 17 

could significantly predict loneliness scores (B = -0.17, 95% CI [-1.0, -0.03], t = -2.11, p = 18 

.03; B = 0.23, 95% CI [0.31, 1.16], t = 3.42, p < .001). Active social media use could not 19 

predict loneliness scores (B =- 0.16, 95% CI [-0.85, 0.05], t = -1.75, p =.08). 20 

The preliminary assessment of the relationship between loneliness, different types of 21 

SMU and psychological distress indicated that loneliness was associated with both types of 22 

media use and psychological distress scores and could potentially mediate the relationship 23 

between them. Next, we directly tested this assumption. 24 

Mediation Models 25 
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Our initial mediation model included three types of SMU (AST, ANST, PT) as 1 

predictors, loneliness as a mediator and three variables of psychological distress (AS, DS, 2 

SS) as outcomes. The path diagram of the mediation model includes the standardised 3 

estimates for the causal paths for the indirect and direct effects (Table 5). The final model is 4 

displayed in Figure 1. 5 

(INSERT HERE TABLE 5) 6 

(INSERT HERE FIGURE 1) 7 

The proportion of variance (R2) explained for each of the outcome variables in the 8 

mediation model was 22%, 41%, 30% for anxiety, depression and stress scores, respectively. 9 

However, loneliness showed significant mediation effects between types of SMU and 10 

psychological distress only for passive media use (Table 5, Indirect effects).  11 

We estimated the initial model’s fit where residuals associated with multiple 12 

predictors and outcomes were permitted to covary. The model showed reasonably good 13 

model fit according to multiple SEM fit statistics and indices: Root Mean Square Error of 14 

Approximation (RMSEA) = .08, 95% CI [0.001, 0.10]; Comparative fit index (CFI) = .982; 15 

Tucker-Lewis index (TLI) = .95 (rule of thumb guidelines are that CFI ≥ .95, TLI  ≥ .95 16 

represent a good fitting model). It has to be noted that although previous research proposed a 17 

stringent cut-off value for RMSEA of 0.06 (Hu & Bentler, 1999) or the upper limit of less 18 

than 0.08 (McQuitty, 2004), recent studies argued for flexible cut-offs (Niemand & Mai, 19 

2018). This is particularly relevant to SEM, which considers only the theoretically relevant 20 

paths. Therefore, the model fit metrics suggest that our theoretically motivated model of the 21 

covariance among variables provides a reasonably good approximation of the data obtained 22 

in this study (additional fit metrics are presented in Supplementary Material, Note 3). 23 
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Our alternative mediation model assumed that the number of social media platforms 1 

could confound the type of SMU acting as a background confounder of the mediation model. 2 

We tested this assumption by estimating a new mediation model that includes three types of 3 

SMU (AST, ANST, PT) as predictors, loneliness as a mediator, three variables of 4 

psychological distress (AS, DS, SS) as outcomes and the number of platforms used (NP) as a 5 

background confounder (see details in Supplementary Materials, Note 4). The results showed 6 

that the alternative model did not change dramatically from our initial mediation analysis 7 

results. However, the mediation model adjusted for confounding by the number of social 8 

media platforms showed a bad fit to the data (RMSEA) = .17, 95% CI [0.09, 0.46]; 9 

Comparative fit index (CFI) = .788; Tucker-Lewis index (TLI) = .78.   10 

Discussion 11 

This study responded to prior findings about the conflicting relationship between 12 

SMU, psychological distress and loneliness in a sample of emerging adults in the UK. In 13 

particular, this study looked at different ways of engaging with social media; namely, 14 

passive, active-social, and active non-social, and their impact on anxiety, depression and 15 

stress in emerging adults. We also tested the mediating effect of loneliness in this 16 

relationship. Some interesting findings emerged.  17 

First, it was discovered that passive social media users were at higher risk of anxiety, 18 

depression and stress. It is well-documented that passive content consumption can trigger 19 

declines in social capital and social support (Burke et al., 2010; Roberts & David, 2022), 20 

evoke feelings of envy and jealously (Krasnova et al., 2015; Valkenburg et al., 2022), arouse 21 

social comparisons and fear of missing out (Pang, 2021). These factors contribute to 22 

increasing the odds of psychological distress. Nevertheless, it should be noted that the present 23 
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study did not explore the social media platforms or the amount of information to which our 1 

participants were exposed – future research could investigate this further. 2 

Second, it was found that active non-social media use was associated with lower 3 

levels of stress. This aligns with previous findings demonstrating that active SMU can be 4 

beneficial, as it increases social connectedness and reduces psychological distress compared 5 

to passive SMU (Roberts & David, 2022). However, it should be acknowledged that the 6 

present study explored specific aspects of active SMU, active social vs active non-social. 7 

This makes our finding noteworthy, considering that previous research has overlooked this 8 

feature of active SMU. Such a finding could be justified by the nature of active non-social 9 

media use. In other words, active non-social use involves the public sharing of content by 10 

creating interactive content, tagging photos, posting videos, and tagging videos, none of 11 

which involves direct communication with other users, unlike active-social use, which entails 12 

more private sharing (Gerson et al., 2017; Trifiro & Gerson, 2019). It could be suggested the 13 

public non-directive communicative component of active non-social media use may help 14 

users gain the positive benefits of active SMU by experiencing positive feedback, without the 15 

demands of direct social media interactions. It is well-known that social media content alone 16 

can attract other users’ positive feedback, which has been associated with reduced negative 17 

emotions, enhanced social self-esteem and better mental health (Valkenburg et al., 2017). At 18 

the same time, prior evidence shows that online requests from friends and the provision of 19 

social support on social media can be stressful, put a lot of pressure and cause exhaustion 20 

among users (Choi & Lim, 2016), suggesting that further research is necessary.  21 

In the mediation model loneliness showed significant mediation effects only on the 22 

relationship between passive SMU and psychological distress. This finding is verified by 23 

evidence revealing that passive users of social media platforms may not gain social benefits 24 

such as social interaction and social support (Wang et al., 2018a; Park et al., 2009); in fact, 25 
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they may feel isolated or socially excluded leading to feelings of loneliness (Burke et al., 1 

2010; Frison & Eggermont, 2020; Matook et al., 2015) which can adversely impact 2 

psychological state (Escobar-Viera et al., 2018). Another possible explanation of this finding 3 

derives from evidence demonstrating that passive SMU fosters weak-ties (Sander, 2012) 4 

which are linked to poor social connectedness and elevated psychological distress (Tibbetts et 5 

al., 2021). Furthermore, this finding is consistent with the displacement hypothesis (Kraut et 6 

al., 1998), suggesting that social media replaces stronger offline relationships with weaker 7 

online ones resulting in increased loneliness and psychological distress. Additionally, passive 8 

SMU allows for many activities that feel social but are not interactive (Clark et al., 2018), 9 

such as browsing profiles (Carpenter et al., 2011). These activities meet immediate social 10 

needs, such as a brief sense of belonging and short-term mood improvement, but fail to 11 

provide a deep understanding of interpersonal connection, which leads to loneliness (Green et 12 

al., 2005) and subsequently to higher chance of psychological distress.  13 

Moreover, it can be argued that passive SMU increases loneliness because it does not 14 

offer opportunities for communication and self-disclosure (Frison & Eggermont, 2020). It has 15 

been shown that self-disclosure on social media can enhance feelings of connectedness or 16 

belongingness and thus reduce loneliness (Deters & Mehl, 2013). It has also been illustrated 17 

that self-disclosure on social media can endorse immediate feedback from others (i.e. “likes”) 18 

(Hayes et al., 2016), and this could be interpreted as a sign of high social support (Seo et al., 19 

2016). As verified in prior studies, perceived social support in social media platforms can 20 

ameliorate feelings of loneliness (Frison & Eggermont, 2020; Seo et al., 2016). Therefore, 21 

due to their reluctance to self-disclose, passive users may experience a lack of support online, 22 

which can result in increased loneliness and psychological distress (Lin et al., 2020). 23 

Strengths and Limitations 24 
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It is argued that the differentiation between social media usage is key to 1 

understanding its impact on psychological distress; however, the traditional dichotomization 2 

framework of active versus passive has been recently criticised. For instance, some 3 

researchers (Trifiro & Gerson, 2019) argue that individuals alter their behaviour online based 4 

on different contexts, moods or situations and they call for the development of a valid 5 

standardized universal measure. Other researchers propose the need for further distinctions 6 

within this dichotomization to account for the complexities of the relationship between social 7 

media and well-being as the outcomes of active and passive SMU may not be only positive or 8 

negative, respectively (Kross et al., 2021). Furthermore, it is advised that future studies 9 

exploring the effects of active versus passive SMU on psychological distress should also 10 

focus on another aspect of SMU, namely private versus public SMU, which can lead to 11 

diverse outcomes (Valkenburg et al., 2022). Private (active and passive) SMU is 12 

characterised by more intimacy, reciprocity, higher synchronicity and frequency than public 13 

(active and passive) SMU (Bazarova et al., 2015; van Driel et al., 2019; Waterloo et al., 14 

2018) leading to diverse findings in studies examining the effect of active versus passive 15 

SMU on psychological outcomes (Valkenburg et al., 2022).     16 

Although we modelled effects in line with theory and previous research evidence, we 17 

collected data at one specific point. Longitudinal data would enable researchers to make 18 

definitive claims about a causal path of associations. Besides, data collection exclusively 19 

relied on self-reported measures and thus, the possibility of social desirability must be 20 

acknowledged. Furthermore, our study did not explore the precise effect of different social 21 

media platforms; rather, assessed the overall and simultaneous use of different social media 22 

platforms. Even though this reflects the virtual reality of emerging adults who normally use a 23 

diverse array of social media platforms, it also neglects particular aspects and functions of 24 

different social media platforms. For example, it is reported that passive use of image-based 25 
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social media platforms is linked to negative beliefs about self and intensified feelings of 1 

dissatisfaction (Trifiro, 2018). Moreover, our study did not counterbalance for the effects of 2 

environmental context in the relation between SMU and psychological distress. For instance, 3 

future research should consider that social media can be used as an escape from pressure of 4 

offline life or as a coping strategy to reduce stress (Hou et al., 2017). Likewise, for future 5 

studies it will be a noteworthy endeavour to test the impact of users’ socio-economic 6 

background, which has shown a strong link to problematic social media use (He et al., 2020).  7 

Despite these limitations, the current study has several strengths. First, we 8 

investigated our hypothesis in a sample of emerging adults, whereas the majority of studies 9 

on SMU focus on adolescents. This is particularly important considering the high rates of 10 

psychological stress and loneliness in this age group population. Second, it extended limited 11 

research comparing passive, active social and active non-social media use (i.e., Gerson et al., 12 

2017; Trifiro & Gerson, 2019).  13 

Conclusion 14 

Overall, findings from this study emphasise the need for social media users and 15 

researchers to consider the nature of SMU when trying to understand its effect on 16 

psychological distress. For instance, based on our findings we propose that social media users 17 

may reflect on the nature and motives behind their engagement with social media and also 18 

become more knowledgeable that passive use can arouse feelings of loneliness and 19 

consequently escalate anxiety, depression and stress symptoms. On the other hand, creating 20 

and sharing social media content without directly interacting with other users may be 21 

beneficial for stress levels. Therefore, intervention programs promoting psychological 22 

wellbeing among emerging adults would benefit by comprehending better the link between 23 

passive SMU, loneliness, and psychological distress. For example, rather than promoting the 24 

restriction of social media, helping young people to realise the risks of passive SMU use may 25 
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be more useful. This could be accomplished by aiding emerging adults to better understand 1 

their needs for SMU and how they can lead to feelings of loneliness and psychological 2 

distress. Intervention programs could also promote the development of personal strategies to 3 

control and process the passive consumption of information on social media platforms as a 4 

more practical way to alleviate feelings of loneliness and, subsequently better psychological 5 

outcomes.  6 
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Table 1 

Descriptive Statistics of All Study Variables 

 Active 

Social SMU 

Active Non-

Social SMU 

Passive SMU  Loneliness  Depression  Anxiety Stress  

Mean 15.52 8.39 14.49 43.92 13.14 12.52 14.89 

SD 3.81 3.30 2.98 9.56 5.21 4.79 4.73 

Missing 3  1  1  13  5  5  7  
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Table 2 

Pearson’s Correlations between All Study Variables 

Variables 1 2 3 4 5 6 7 

1. AST -       

2. ANST .70*** -      

3. PT .48*** .29*** -     

4. LON -.17** .22*** .10 -    

5. AS -.01 -.04 .14* .45*** -   

6. DS -.08 -.11 .09 .64*** .70*** -  

7. SS -.01 -.10 .11 .54*** .77*** .75*** - 

  

*p < .05, ** p < .01, *** p < .001 

 Note. AST – Active Social Total, ANST – Active Non-Social Total, PT – Passive Total, 

LON-loneliness, AS – anxiety subscale, DS-depression subscale, SS-stress subscale. 
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Table 3 

The Results of Three Regression Models Examining the Relationship Between Different Styles 

of SMU and Psychological Distress  

Outcome* Predictors Model 

(ANOVA) 

Regression** 

AS AST F(3,278) = 3.07,  

p = .03 

B =-0.08, 95% CI [-0.33, 0.12], SE=0.11, t=-0.90, 

p =.37 

 ANST B =-0.04, 95% CI [-0.29, 0.18], SE=0.12, t=-0.48, 

p =.63 

 PT B =0.20, 95% CI [0.11, 0.54], SE= 0.11, t=2.94, p 

=.004 

DS AST F(3,278) = 3.12,  

p = .03 

B =-0.08, 95% CI [-0.36, 0.13], SE=0.12, t=-0.91, 

p =.37 

 ANST  B =-0.10, 95% CI [-0.42, 0.09], SE=0.13, t=-1.25, 

p =.21 

 PT  B =0.16, 95% CI [0.05, 0.52], SE=0.12, t=2.35, p 

=.02 

SS AST F(3,278)=3.21,  

p = .02 

B =0.05, 95% CI [-0.16, 0.29], SE = 0.12, t=0.55, 

p =.58 

 ANST B =-0.18, 95% CI [-0.49, 0.02], SE= 0.11, t=-2.14, 

p =.03 

 PT B =0.14, 95% CI [0.01, 0.44], SE=012, t=2.35, p 

=.01 

Note. AST-Active Social Total, ANST – Active non-Social Total, PT – Passive Total, SS – 

Stress Subscale, DS – Depression Subscale, AS – Anxiety Subscale. 

* Marginal effects plots are detailed in Supplementary Materials, Note 1 

** B represents standardised coefficient with a bias-corrected percentile bootstrap confidence 

interval using 2000 bootstrapped samples 
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Table 4 

The Results of Three Regression Models Examining the Relationship Between Loneliness and 

Psychological Distress  

Outcome Predictor Model 

(ANOVA) 

Regression* 

AS LON F(1,272)=69.19, p 

< .001 

B =0.22, 95% CI [0.17, 0.28], SE=0.03, t=8.32, p < 

.001 

DS F(1,272)=189.34 

p < .001 

 

B =0.35, 95% CI [0.30, 0.40], SE = 0.03, t=13.76, p 

<.001 

SS F(1,272)=106.98 

p < .001 

B =0.26, 95% CI [0.21, 0.31], SE=0.03, t=10.34, p 

<.001 

Note. SS – Stress Subscale, DS – Depression Subscale, AS – Anxiety Subscale, LON – 

Loneliness 

*B represents the standardised coefficient with a bias-corrected percentile bootstrap 

confidence interval using 2000 bootstrapped samples 
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Table 5 

Summary of Mediation Analysis 

 B SE z p 95% CI 

Direct effects 

AST->AS  -0.001 0.02 -0.01 .98 [-0.04, 0.04] 

ANST->AS 0.008 0.02 0.36 .72 [-0.04, 0.05] 

PT->AS 0.03 0.02 1.53 .13 [-0.01, 0.07] 

AST-> DS 0.009 0.02 0.45 .65 [-0.03, 0.05] 

ANST->DS -0.003 0.02 -0.13 .90 [-0.04, 0.04] 

PT->DS 0.004 0.02 0.22 .83 [-0.03, 0.04] 

AST->SS 0.04 0.02 1.96 .05 [-0.003, 0.08] 

ANST->SS -0.03 0.02 -1.40 .16 [-0.07, 0.01] 

PT->SS 0.006 0.02 0.29 .77 [-0.03, 0.05] 

Indirect effects 

AST->LON->AS -0.02 0.01 -1.93 .05 [-0.05, 0.002] 

ANST->LON->AS -0.02 0.01 -1.77 .08 [-0.05, 0.002] 

PT->LON->AS 0.04 0.01 3.19 .001 [0.02, 0.06] 

AST->LON->DS -0.03 0.02 -1.96 .05 [-0.06, 0.03] 

ANST->LON->DS -0.03 0.02 -1.79 .08 [-0.07, 0.003] 

PT->LON->DS 0.05 0.02 3.37 <.001 [0.02, 0.08] 

AST->LON->SS -0.03 0.01 -1.95 .05 [-0.05, 0.003] 

ANST->LON->SS -0.03 0.01 -1.78 .08 [-0.06, 0.002] 

PT->LON->SS 0.04 0.01 3.29 <.001 [0.02, 0.07] 

Total effects  

AST->AS -0.02 0.02 -0.90 .37 [-0.07, 0.03] 

ANST->AS -0.01 0.02 -0.49 .63 [-0.07, 0.04] 

PT->AS 0.07 0.02 2.95 .003 [0.02, 0.11] 

AST->DS -0.02 0.02 -0.90 .36 [-0.08, 0.03] 

ANST->DS  -0.03 0.03 -1.26 .21 [-0.09, 0.02] 

PT->DS 0.05 0.02 2.37 .02 [0.002, 0.10] 

AST->SS 0.02 0.02 0.62 .53 [-0.03, 0.06] 

ANST->SS -0.06 0.03 -2.19 .03 [-0.10, -0.01] 

PT->SS 0.05 0.02 2.11 .03 [0.004, 0.09] 

Note. Delta method standard errors, bias-corrected percentile bootstrap confidence interval 

using 2000 bootstrapped samples, Maximum Likelihood estimator. Lavaan syntax for this 

model is detailed in Supplementary Materials, Note 2. 

 

  



49 

 

Figure 1 

Mediation Model 

 

 

Note. The boxes with labels represent the variables of interest: PT (Passive Total), AST 

(Active Social Total), ANS (Active Non-Social) are predictors, LON- Loneliness score – 

mediator, AS (anxiety scores), DS (depression scores) and SS (stress scores) are outcomes. 

Circular curved arrows represent the residual variance of variables. The directional arrows 

imply one variable having a direct effect on another (i.e., one variable regressed on the other). 

Double-headed arrows between predictors or outcome variables represent covariance. 

 


