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Attention-deficit/hyperactivity disorder (ADHD) is a psychiatric disorder which presents itself in individuals 

through patterns of developmentally inappropriate levels of inattentiveness, hyperactivity, and impulsivity, with 

difficulties in decision making and emotional regulation (ER). ER difficulties constitute a significant yet 

insufficiently addressed component of ADHD, contributing to emotional instability, reduced quality of life, and 

increased vulnerability to comorbid mental health conditions. Although digital and AI-based interventions have 

expanded access to ER support, many existing systems remain limited by weak theoretical integration, insufficient 

accommodation of neurodiversity, and a lack of structured user experience research (UXR) methodologies, that 

bridge psychological insight with design practice. This paper introduces a Generative AI–augmented UXR 

methodology, grounded in the UXR Point of View (PoV) Playbook, to support the design of emotionally 

intelligent and Neuroinclusive digital ER interventions for adults with ADHD. The approach integrates empirical 

evidence with established psychological frameworks Dialectical Behaviour Therapy (DBT), Self-Determination 

Theory (SDT), and the COM-B behavioural model and leverages Generative AI as a co-analytic tool to support 

synthesis, hypothesis formation, and design articulation. The methodology is operationalized through a four-stage 

UXR process encompassing AI-supported hypothesis generation, foundational planning, insight generation via 

Building Blocks, and the construction of stakeholder-specific PoV narratives. This process results in a set of ten 

theory informed UXR Play Cards that translate psychological mechanisms and empirical findings into actionable 

design guidance. The primary contribution of this work is a replicable, bias-aware framework for integrating 

Generative AI into UXR practice, advancing human-centred and Neuroinclusive approaches to digital mental 

health design.  
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1 INTRODUCTION 

 

Attention-deficit/hyperactivity disorder (ADHD) is a psychiatric disorder which presents itself in individuals 

through patterns of developmentally inappropriate levels of inattentiveness, hyperactivity, and impulsivity, with 

difficulties in decision making and emotional regulation (ER) [1]. ER has emerged as a critical determinant of 

mental health, adaptive functioning, and overall wellbeing in individuals with ADHD [1]. ER difficulties result 

in challenges such as impulsivity, affective instability, and frustration intolerance [2]. These difficulties frequently 

disrupt social and occupational functioning and intensify core ADHD symptoms, contributing to a cascade of 

secondary psychopathologies, including anxiety and depression, which in turn elevate risks of social exclusion 

and long-term health inequities [3]. However, despite growing advances in the neuropsychological understanding 

of ADHD, challenges related to ER remain persistent and are often under-addressed in [4].  

To address these challenges, digital health interventions (DHI) have emerged as accessible tools for supporting 

ER. A DHI is a discrete functionality of a digital technology which is applied to achieve health objectives [5]. 

DHIs aim to make mental health interventions more accessible, as they are ‘ecologically’ embedded, by using a 

smartphone-delivered method [5]. As such, they are a promising method for improving access to care and 

enhancing user engagement. However, their effectiveness for ADHD populations remains limited, largely due to 

the absence of design methodologies which are both theoretically grounded and response to the cognitive and 

emotional variability inherent in ADHD [6] These methodologies often use User-Centred Designs, but while it 

offers a valuable, empathy-driven framework emphasising participatory approaches and iterative refinement it 

often lakes the theoretical rigor needed to translate psychological models of ADHD into concrete, testable design 

outcomes [4]. 

The psychological models which can be used to address emotional dysregulation in ADHD are three 

complementary models. The first is Dialectical Behaviour Therapy (DBT), which provides a clinically validated 

structure for emotional scaffolding and mindfulness-oriented feedback, important for improving ER [7]. The 

second is Self-determination Theory (SDT). This model emphasises intrinsic motivation and autonomy as critical 

drivers of engagement and persistence [8]. Finally, the COM-B model establishes a systems view of behavioural 

(b) change linking capability (c), opportunity (o), and motivation (m) [9]. Together, these models can be used to 

inform a DHI for ADHD and ER. However, as mentioned previously, a current major weakness of DHIs is that 

they rely on generalised behavioural paradigms which insufficiently address neurodivergent traits such as sensory 

sensitivity a fluctuating motivation [6]. 

The User-Experience Research (UXR) Point-of-view (PoV) framework, as suggested by Dogan et al., aims to 

formalize the UXR process which synthesizes insights from UXR into actionable design decisions [10]. This 

involves integrating empirical evidence, psychological theory, and stakeholder priorities. This framework is based 

on the theory of Situational Awareness (SA) as proposed by Endsley, in which SA is defined by the perception of 

elements in the environment within a volume of time and space, the comprehension of their meaning, and the 

projection of their status soon [11]. SA is to the concept of a cognitive hierarchy in which information is said to 

come from correlated data; information is then converted into SA and becomes knowledge, and knowledge is used 

to predict the consequences of actions, which in turn, leads to understanding [12]. Dogan et al. argue that their 

PoV framework correlates with this cognitive hierarchy, in which the final step is wisdom, or in other words, the 

generated UXR PoV. It is a pyramid-shaped framework in which the bottom tier is (1) foundation, then (2) data 

collection, the third is (3) insight generation, and the top of the pyramid is (4) a PoV [10, 25]. The tangible result 

of this process is to generate ‘play cards’ which include a potential obstacle for progressing a PoV and best 

practices associated with this. These cards can then be used to craft PoV and stakeholder narratives. This 

essentially formalizes UXR into a comprehensive research-to-design translation pipeline which moves from raw 

data to actionable insight, and from insight to design decisions that are empirically testable, clearly communicable, 

and aligned with both user needs and stakeholder priorities. As such, this may be used to address the issue of weak 

methodologies in the design of DHIs [10, 25]. 

Furthermore, AI can be leveraged to produce insights from UXR using this UXR PoV framework. Giff et al. 

suggest four stages to develop an AI-Powered UXR PoV [13]: 

1. Leverage GenAI and the UXR PoV Framework 

2. Establish a Foundation Plan/Roadmap 

3. Insight Generation and Card Development 

4. Craft PoV Narratives for Stakeholders 
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Emerging work on AI-supported UX research suggests that Generative AI can facilitate progression through 

structured research frameworks by supporting data synthesis, hypothesis generation, and insight articulation. Such 

capabilities align with recent studies highlighting GenAI’s role in augmenting UX practitioner workflows and 

enabling AI-assisted POV construction [13].  

 

Therefore, the current paper aims to adapt the UXR PoV framework [10] for digital ER in ADHD, using GenAI 

as a cognitive partner to analyse evidence and simulate stakeholder reasoning, while integrating the three 

complimentary frameworks (DBT, SDT, and COM-B). This paper is concerned with how GenAI can translate 

research outcomes into actionable UXR PoV and narratives. Furthermore, it aims to address existing gaps in 

emotional intelligence, neurodiversity inclusion, and AI-UX co-creation, through a theory-grounded, user-centred 

design methodology.  

2 METHODS 

2.1 Study Design Overview 

This study employed an AI-augmented systematic literature review (SLR) combined with User Experience 

Research (UXR) synthesis using the UXR Point-of-View (PoV) framework [10]. The method integrates PRISMA 

2020 evidence synthesis with Generative AI (GenAI)–assisted reasoning to translate emotion regulation (ER) 

research in adults with ADHD into actionable UX PoVs for digital health interventions (DHIs). The 

methodological process followed the four-stage structure of the Developing an AI-Powered UX Research Point 

of View (PoV) workshop [13]: (1) leveraging GenAI and the UXR PoV framework; (2) establishing a foundational 

plan and roadmap; (3) insight generation and UXR Play Card development; and (4) PoV narrative construction 

and stakeholder communication. 

2.2 Sample and Literature Identification 

A systematic literature search was conducted across ACM Digital Library, PubMed, and Scopus, covering 

publications from 2020–2025. Search terms combined ADHD, emotion regulation, and digital interventions (e.g., 

mobile apps, web-based tools, AI-assisted systems, VR). Studies were screened according to predefined inclusion 

and exclusion criteria. Following PRISMA 2020 procedures, 42 empirical studies were included in the final 

dataset. All included studies were coded in Microsoft Excel using a PRISMA-aligned structure, including 

bibliographic data, population characteristics, intervention type, outcome measures, and ER-relevant findings. A 

separate worksheet documented themes identified through qualitative synthesis. To support AI-assisted analysis, 

the following materials were uploaded to each GenAI system: 

1. the PRISMA-organized Excel dataset, 

2. the UXR PoV framework papers (Giff et al., 2025; Dogan et al., 2024) [10, 25], and 

3. the UXR previously published papers and workshop PowerPoint slide, 

4. the UXR PoV Playbook website and example Play Cards. 

A systematic literature review was conducted on the full dataset, followed by a thematic analysis using Braun and 

Clarke’s (2006) six-phase method [14]. Identified themes informed both human-led interpretation and AI-assisted 

synthesis. Comparative observations across AI systems were analysed descriptively to assess differences in 

interpretive depth, theoretical integration, and UX relevance. Four Generative AI systems were evaluated: 

ChatGPT (v5.2), NotebookLM, Gemini (v3), and Microsoft Copilot. Interactions with ChatGPT and Microsoft 

Copilot were conducted by the first author, while Gemini and NotebookLM were conducted by the second author. 

All systems were prompted using the same predefined prompt set, submitted sequentially within a consistent 

computing and browser environment, to ensure procedural consistency, traceability, and comparability across 

models.  

2.3 Procedure and Prompts 

Stage 1: Leveraging GenAI and the UXR PoV Framework 

To extract design-relevant themes and formulate 10 testable hypotheses from systematic literature review data 

using GenAI-assisted synthesis. Using an AI-augmented systematic literature review (SLR) approach, researchers 

synthesized PRISMA-structured data on emotion regulation (ER) and ADHD from an uploaded Excel dataset. 
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Generative AI was employed to identify thematic patterns, cluster key intervention features, and summarize 

common engagement challenges. Based on this analysis, hypotheses were generated linking user experience (UX) 

variables such as feedback, autonomy, and visual predictability to ER outcomes. Prompts for this stage: 

• “Analyse this PRISMA_ADHD_ER Excel dataset and summarise recurring design–emotion–behaviour 

patterns.” 

• “Cluster themes around attention, feedback, motivation, and emotion regulation success.” 

• “Generate one hypothesis per theme linking design features to emotional regulation, relying on the UXR 

PoV document, the UXR PoV website, and the published papers.” 

While Stage 1 identifies empirically grounded themes and generates testable hypotheses linking UX features to 

emotion regulation outcomes, these outputs alone do not yet constitute actionable design guidance. To enable 

systematic translation into design decisions, the next stage focuses on integrating these findings with 

psychological theory and stakeholder considerations to establish a shared foundational plan. 

Stage 2: Establishing a Foundational Plan and Roadmap 

Gen-AI was prompted to simulate a theoretical integration and stakeholder map, bridging emotional regulation 

mechanisms with UX and technical design needs. Following the extraction of themes from the systematic 

literature review, the researchers leveraged Gen-AI to translate key findings into a structured foundational plan. 

This involved mapping user profiles, emotional needs, and aligning design goals with stakeholder expectations. 

The process began by prompting Gen-AI to contextualize emotion regulation (ER) within the lived experiences 

of individuals with ADHD exploring how they perceive, express, and manage emotions in digital contexts. The 

aim was to co-create a shared roadmap that articulates psychological objectives, informs design strategies, and 

clarifies stakeholder roles from the outset. Prompts for this stage: 

• “Based on the systematic review insights, explain how individuals with ADHD typically manage 

emotions, and what digital interventions can realistically support emotion regulation without increasing 

cognitive overload.” 

• “Using the extracted themes, formulate clear user experience and emotion regulation goals for a digital 

intervention. Use Dialectical Behaviour Therapy, Self-Determination Theory, and the Capability–

Opportunity–Motivation–Behaviour model.” 

• “Who are the primary and secondary stakeholders in a project developing digital ER tools for ADHD? 

Describe their roles, motivations, and data needs.” 

• “Create a step-by-step project plan linking research goal, user needs, and stakeholder engagement 

following a mixed-method approach (quantitative, qualitative, AI synthesis).”  

The foundational plan developed in Stage 2 aligns empirical insights with theoretical models and stakeholder 

needs, providing the necessary structure for deeper synthesis. Building on this foundation, the following stage 

applies the UXR PoV building blocks to transform theoretical and empirical knowledge into actionable design 

insights and UXR Play Cards. 

Stage 3: Insight Generation and Play Card Development (Building Block Integration) 

To synthesize theoretical, empirical, and AI-generated insights into actionable design principles using the Building 

Blocks model: Foundation, Data Collection, Insight Generation and POV. This stage translated systematic review 

findings and psychological theory into ten UXR Play Cards for ADHD emotion regulation (ER) design. Gen AI 

was used iteratively to connect theory, data, and design application. The Foundation integrated DBT, SDT, and 

COM-B frameworks to explain emotional scaffolding, autonomy, and sustained behaviour change. In Data 

Collection, Gen-AI analysed 42 empirical studies to identify recurring patterns (e.g., attention variability, 

feedback sensitivity, emotional overload). During insight generation, the model linked these patterns with 

psychological theory, explaining why specific design mechanisms regulate emotion and engagement. Finally, 

POV translation transformed insights into UXR Play Cards, each summarizing the issue, evidence, theoretical 

basis, and best practice. Prompts for this stage: 

• “Map DBT, SDT, and COM-B to digital emotion regulation design for ADHD.” 

• “Cluster empirical data into themes of feedback, motivation, attention, and trust.” 

• “Generate 10 Play Card content linking theory, evidence, and design rationale.” 
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• “Use the example Play Cards as a reference when creating the cards.” 

While UXR Play Cards formalize design-relevant insights, their impact depends on effective communication to 

diverse stakeholders. Accordingly, the final methodological stage focuses on translating Play Card content into 

coherent, evidence-based Point-of-View narratives tailored to different roles and decision-making contexts. 

Stage 4: Crafting PoV Narratives and Stakeholder Communication 

To transform Play Card insights into coherent, evidence based PoV narratives tailored to different stakeholders. 

The researcher uploaded narrative template from the UXR PoV Playbook [6] and used Gen-AI to refine tone, 

structure, and theoretical alignment. GenAI supported translating Play Card findings into clear, role-specific 

narratives that integrated DBT, SDT, and COM-B principles. Prompts for this stage: 

• “Check the UXR PoV template and generate ADHD-specific PoV narratives.” 

• “Refine the PoV statement for clinical accuracy and user experience clarity.” 

• “Summarise insights from Play Cards into concise stakeholder messages.” 

• “Ensure tone consistency with neurodiversity and therapeutic language.” 

Together, these four stages form an integrated, AI-augmented UXR PoV process. The following section reports 

the results generated at each stage, illustrating how GenAI-supported synthesis progresses from evidence 

extraction to actionable PoV narratives for emotion regulation–focused digital interventions. 

3 RESULTS 

This study produced a structured set of findings demonstrating how Generative AI (GenAI) can support the 

development of User Experience Research (UXR) Points of View (PoVs) for digital emotion regulation (ER) 

interventions targeting adults with ADHD. Results are organized according to the four-stage AI-powered UXR 

PoV framework: (1) leveraging GenAI for evidence synthesis and hypothesis development, (2) establishing a 

foundational stakeholder-informed roadmap, (3) translating insights into actionable UXR Play Cards, and (4) 

crafting stakeholder-aligned PoV narratives. Across these stages, psychological theory, systematic evidence 

synthesis, and UX design considerations were progressively integrated to transform research insights into design-

relevant guidance. 

To enhance methodological robustness, four Generative AI systems were used comparatively throughout the 

analysis process. Although minor differences were observed in tone, depth of explanation, and interpretive 

framing, the systems produced broadly convergent findings across thematic extraction, hypothesis generation, 

stakeholder mapping, and design translation tasks. This consistency suggests that the resulting insights are not 

artefacts of a single model but reflect stable patterns within the evidence base. The following sections therefore 

present a synthesized account of these cross-model outputs, highlighting shared insights while noting interpretive 

considerations where relevant. 

3.1 Leverage GenAI and the UXR PoV Framework 

In the first phase, Generative AI (ChatGPT-4o, ScholarGPT variant) was employed as a cognitive collaborator to 

analyse 42 peer-reviewed studies on digital ER for adults with ADHD. Through iterative prompting and 

researcher-led validation, ten recurring UX themes were identified and mapped to theory-informed design 

hypotheses using psychological models such as DBT, SDT, COM-B. The synthesized hypotheses include: 

• H1: Simplified emotional cues reduce cognitive overload, supporting self-regulation. 

• H2: Consistent AI tone and feedback build emotional trust and predictability. 

• H3: Customizable goal systems enhance user autonomy and emotional agency. 

• H4: Safety features like pause modes and continuity support emotional resilience. 

• H5: Neuroinclusive emotion models improve relevance for diverse users. 

• H6: Mindful micro-interactions support emotional regulation through pacing. 

• H7: Positive reinforcement and biofeedback sustain motivation and regulation. 

• H8: Adaptive content flow aligns with attentional rhythms and emotional pacing. 

• H9: Transparent AI emotional cues increase user trust and clarity. 
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• H10: Personalized sensory feedback sustains engagement without overload. 

Each hypothesis was co-developed through GenAI-supported synthesis and researcher interpretation, ensuring 

theoretical fidelity and practical relevance, and serve as the foundational knowledge artifacts for subsequent 

stakeholder integration and design translation in later stage. 

3.2 Establish a Foundational Plan and Road Map 

 

In the second stage, GenAI (ChatGPT-4o, ScholarGPT variant) was guided to synthesize stakeholder perspectives 

essential to designing emotion regulation tools for adults with ADHD. Drawing on literature from participatory 

design and neuroinclusive UX, the AI generated a structured matrix mapping five core stakeholder groups ADHD 

users, clinicians, UX designers, researchers, and developers to their functional roles, needs, and challenges. The 

stakeholder matrix outlined five key groups, each with distinct roles, needs, and design challenges. ADHD users 

seek emotionally safe, predictable interfaces but often face cognitive overload and volatility. Clinicians need 

visibility into user progress yet struggle to integrate feedback into therapy. UX designers translate psychological 

theory into interface principles but lack neuroinclusive design heuristics. Researchers aim to synthesize 

behavioural data but face limited access to consistent emotional markers. Developers prioritize feasibility and 

interpretability while balancing transparency with adaptive system behaviour. This mapping surfaced early design 

tensions and guided alignment across disciplines. This matrix clarified the interdependencies across roles and 

revealed systemic tensions such as aligning emotional safety with technical feasibility and theory with 

implementation. It also informed the co-creation strategy for subsequent design phases. The complete stakeholder 

framework is presented in Table 2.  

 
Stakeholder  Role Need Challenge 

ADHD Users End-Users Predictable, emotionally safe 

digital support 

Managing cognitive overload 

and volatility 

Clinicians Supervisors Data visibility and progress 

feedback 

Integrating user feedback into 

therapy 

UX Designers Translators Translating theory into 
interface principles 

Absence of neuroinclusive 
design heuristics 

Researchers Evaluators Synthesizing behavioural and 

design data 

Limited access to consistent 

behavioural markers 

Developers Builders Feasibility and model 

interpretability 

Balancing transparency and 

adaptivity 

   

                         Table 2.  Stakeholder Mapping within the GenAI-Augmented UXR Framework 

 

These insights directly informed the design of practical tools developed in the next phase, where stakeholder-

informed hypotheses were operationalized into GenAI-assisted UXR Play Cards, as detailed in Section 3.3. 

 

3.3 Apply GenAI-Enhanced Best Practices 

 

In the third stage, ten GenAI-informed hypotheses were transformed into a structured, research-driven tool set: 

the UXR Play Cards. Developed using the ScholarGPT model (ChatGPT-4o) and validated through expert review, 

these cards operationalize psychological theory and empirical synthesis into accessible, actionable formats for UX 

researchers, designers, and interdisciplinary teams. 

 

Each card captures a core UX challenge in designing digital ER tools for adults with ADHD. The cards contain 
five elements: a thematic title, an illustrative quote, a defined issue type, a best practice recommendation, and the 

relevant UXR skill sets needed to address it. Together, these components enable seamless integration of 

behavioural theory with practical interface strategies. For example: 

• Card 1 focuses on reducing cognitive load through simplified emotional cues, anchored in accessibility 

design and cognitive psychology. 

• Card 2 addresses trust and emotional predictability in AI systems by recommending consistent tone and 

feedback patterns. 

• Card 5 highlights the need for inclusive emotion modelling by training AI on neurodivergent emotional 

patterns. 

• Card 7 promotes emotional scaffolding through positive reinforcement and motivation tracking, rooted 

in DBT and behavioural design. 
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Other cards address themes such as adaptive pacing, emotional transparency, safety, autonomy, and sustained 

engagement all common challenges identified through the systematic literature review. UXR skills span from 

trauma-informed design and emotion-centred micro interactions to flow theory, AI ethics, and explainable AI. 

These cards are designed to guide ideation, support co-design, and encourage ethical, theory-aligned decision-

making across development stages. Most importantly, they establish a shared design language grounded grounded 

in both evidence and empathy. Overall, ten GenAI-augmented UXR Play Cards were generated to facilitate 

systematic review, co-design, and ethically grounded development. 
 

Card  Title Quote Issue Type Best Practice UXR Skills 

1 Reducing Cognitive 

Load in ADHD 
Interfaces 

Design emotional 

experiences that calm, 
not overwhelm. 

Cognitive Overload Simplify emotional cues; 

reduce multitasking. 

Accessibility Design, 

Cognitive Psychology 

2 Emotional 

Predictability and 

Trust in AI 

Consistency breeds 

calm and trust. 

AI Unpredictability Keep tone, visuals, and 

feedback consistent. 

Affective Computing, 

AI Ethics 

3 Empowering 
Emotional Agency 

Autonomy regulates 
emotion give users 

control. 

User 
Disempowerment 

Let users customize 
feedback, visual 

intensity. 

Behavioural Design, 
Self-Determination 

Theory 

4 Designing for 

Emotional Safety 

Emotionally safe 

spaces begin with 

design boundaries. 

Emotional 

Overstimulation 

Include safety modes, 

pause features, calm 

colours. 

Psychological Safety, 

Trauma-Informed UX 

5 Inclusive AI Emotion 

Modelling 

One emotion model 

doesn’t fit all minds. 

Neurotypical Bias Train AI to recognize 

neurodivergent emotional 

patterns. 

Inclusive AI Design, 

Data Ethics 

6 Mindful Micro-

Interactions 

Tiny design moments 

shape emotional 
equilibrium. 

Sensory 

Overwhelm 

Use micro-animations 

and rhythmic transitions. 

UX Micro 

interactions, Emotion-
Centred Design 

7 Feedback as 

Emotional 

Scaffolding 

Feedback isn’t just data 

it’s emotional 

validation. 

Motivation Fatigue Apply positive 

reinforcement and 

progress tracking. 

DBT Skills Training, 

Motivation Design 

8 Adaptive Attention 
Flow 

Attention is dynamic 
design to flex, not fight 

it. 

Sustained Attention 
Decline 

Adaptive pacing and 
contextual reminders. 

Flow Theory, 
Adaptive Interface 

Design 

9 Emotional 

Transparency in AI 
Feedback 

Users trust systems that 

feel honest. 

AI Emotional 

Misalignment 

Make emotional state and 

confidence visible. 

Human-AI Interaction, 

Explainable AI 

10 Sustaining Emotional 

Engagement 

Engagement grows 

when emotion feels 

seen. 

Emotional 

Disconnection 

Personalize prompts 

based on mood and 

history. 

Emotion Design, 

Digital Wellbeing 

 

 

Table 3. GenAI-derived UXR Play Cards for ADHD emotion-regulation design 

 

This tool set also served as a scaffold for the next and final stage of the process: crafting stakeholder-specific 

Point-of-View (PoV) narratives that align research evidence, emotional design goals, and system feasibility. This 

integration is discussed in detail in Section 3.4. 

 

3.4 Craft Compelling PoV Narratives 

In the final stage, stakeholder-aligned PoV narratives were developed to operationalise psychological theory 

(DBT, SDT, and COM-B) into actionable design strategies for neuroinclusive ADHD emotion regulation tools. 

ChatGPT-4o (ScholarGPT) was used in a structured, researcher-led process to support iterative phrasing, thematic 

clustering, and theory-to-design translation, while interpretive control remained with the research team. For 

ADHD users, the narratives emphasised emotionally predictable and adaptive interfaces that reduce cognitive 

overload through calibrated pacing and tone modulation. For clinicians, the focus centred on therapeutic integrity, 

requiring explainable emotional feedback summaries and real-time progress visibility that align with clinical 

workflows. UX designers were supported through structured heuristics and UXR Play Cards translating 

behavioural theory into interface principles, addressing the absence of established neuroinclusive design 

standards. Researchers benefitted from AI-assisted thematic synthesis and hypothesis refinement to enhance 

methodological transparency, while developers were guided toward interpretable behavioural logic and ethically 

grounded adaptive modelling that balances transparency with personalization. Across stakeholders, four cross-

cutting design pillars empathy, predictability, autonomy, and accessibility emerged as a unifying framework, 

providing a shared conceptual blueprint for emotionally intelligent, theory-informed, and technically feasible 

system design. 
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Stakeholder Core Need Primary Challenge PoV Narrative Focus GenAI-Supported Contribution 

ADHD 

Users 

Emotionally safe, 
predictable support 

Cognitive overload, 
volatility 

Adaptive pacing, tone 
modulation, emotional 

scaffolding 

Iterative phrasing of “adaptive 
feedback” and clustering around 

empathy, predictability, autonomy 

Clinicians Progress visibility, 

therapeutic integrity 

Integrating digital 

feedback into therapy 

Explainable dashboards 

and interpretable 

summaries 

Structured synthesis of feedback 

models and transparency framing 

UX 

Designers 

Translate DBT–SDT–

COM-B into UI 

Lack of neuroinclusive 

heuristics 

Actionable interface 

heuristics and Play 

Cards 

Theory-to-interface mapping and 

design principal generation 

Researchers Evidence synthesis, 

methodological rigour 

Inconsistent 

behavioural markers 

Transparent clustering 

and hypothesis 
refinement 

AI-assisted thematic grouping with 

human validation 

Developers Feasible, interpretable 

adaptive systems 

Balancing 

transparency and 

personalization 

Explainable behavioural 

logic and ethical 

modelling 

Flow structuring, adaptive logic 

articulation, interpretability framing 

 
Table 4. AI-Supported PoV Narrative Development within the UXR PoV Framework 

 

The following discussion examines the methodological, theoretical, and ethical implications of this GenAI-

augmented PoV approach, reflecting on its strengths, limitations, and broader contributions to 

neuroinclusive UXR practice. 
 

4 DISCUSSION 

This study explored the integration of GenAI into UXR for the design of digital ER interventions for adults with 

ADHD. By aligning psychological theory including DBT, SDT, and the COM-B model with GenAI-supported 

synthesis tools, the project aimed to build emotionally intelligent, neuroinclusive digital systems. The findings 

reveal that while GenAI can serve as a powerful collaborator in research synthesis, it also introduces interpretive 

risks that require reflexive, bias-aware practice. 

Generative AI demonstrated significant value in accelerating data-driven tasks, including coding qualitative 

insights, clustering engagement variables, and generating evidence-informed hypotheses. These capabilities align 

with recent studies showing how GenAI enhances pattern detection and hypothesis formation in information-

intensive domains [15]. By rapidly synthesizing thematic insights across 42 studies, GenAI contributed to the 

construction of 10 theoretically grounded UXR Play Cards, each representing a testable intervention mechanism. 

However, despite its utility in accelerating synthesis, GenAI was limited in its capacity to interpret affective 

nuance or engage empathetically with neurodiverse lived experience a constraint echoed in broader literature on 

affect modelling and sentiment analysis [16]. 

These limitations became more pronounced when considering stakeholder diversity. Clinicians, designers, 

developers, and ADHD users each introduced distinct value systems to the design process. Clinicians emphasized 

therapeutic safety and emotional validity, while designers focused on accessibility and usability. Developers, by 

contrast, prioritized feasibility, performance. This epistemic diversity, although enriching, created interpretive 

tensions over how “effective emotion regulation” should be defined. Such stakeholder-induced biases are common 

in interdisciplinary mental health design, particularly in neurodivergent contexts, where emotional experiences 

defy standardization [17] [18]. To navigate these tensions, the research team employed structured used Play Cards 

as boundary objects to anchor decisions in both evidence and empathy. 

A more systemic limitation was observed in the AI models themselves. Despite cross-platform triangulation 

including ChatGPT, Microsoft Copilot, Google Gemini, and NotebookLM each GenAI tool exhibited distinct 

biases. ChatGPT produced coherent but occasionally speculative interpretations, while Copilot's outputs were 

rigid and mechanistic. Gemini demonstrated creative potential but lacked psychological depth. NotebookLM 

frequently displayed anchoring bias, overemphasizing high-frequency sources. These findings are consistent with 

emerging research identifying systematic biases in large language models, including alignment biases, 

overconfidence in AI-related domains, and representational asymmetries favouring dominant cultural narratives 

[19, 20]. 

Trabelsi et al. (2026) show that GenAI tools can consistently recommend AI-favourable solutions and 
overestimate the value of AI-related interventions in decision-making scenarios [19]. Similarly, Krasanakis and 

Papadopoulos (2024) outline how current fairness evaluation frameworks fail to account for multi-dimensional 

bias, especially in systems that operate across affective, behavioural, and demographic attributes [18]. These 
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epistemic tendencies risk marginalizing neurodivergent and cross-cultural perspectives in system design a concern 

that is particularly salient for emotion regulation tools intended for ADHD users, whose needs frequently diverge 

from normative assumptions encoded in training data [21]. 

In response, this study adopted a researcher-led, AI-assisted methodology. Rather than delegating interpretation 

entirely to GenAI, human researchers retained oversight and conducted reflexive validation of all hypotheses and 

insights [20]. GenAI was used to scale, not substitute, analytical reasoning a strategy aligned with recent ethical 

guidelines that recommend a shift from principle-based to practice-oriented AI governance [22]. The role of the 

researcher became one of curator, reconciling AI-generated outputs with contextual knowledge, psychological 

theory, and stakeholder insights. This hybrid model also echoes arguments made by Mokanderz et al. (2021), who 

emphasize the importance of AI auditing and post-deployment monitoring, particularly in high-risk applications 

such as digital mental health [22]. 

Despite efforts to mitigate risk, a persistent tension remained: the balance between AI automation and human 

interpretation. While GenAI was effective at summarizing empirical patterns and proposing conceptual links, it 

lacked the capacity to interpret emotional subtleties, user values, or long-term engagement dynamics especially 

in populations where affect is unstable or atypical. As shown by Mohammad (2020), the inability of current 

sentiment analysis systems to generalize beyond training domains poses a risk for the interpretive validity of AI-

supported insights. Human-centred design for mental health, therefore, continues to demand affective sensitivity 

and theoretical grounding skills that remain the domain of human researchers [23]. 

The implications for UXR practice are clear. GenAI offers substantial benefits in reducing cognitive load during 

data synthesis and supporting hypothesis exploration at scale. However, its responsible use requires explicit bias-

awareness protocols. These include cross-model comparison to detect epistemic drift, multi-source triangulation 

to validate findings, and the inclusion of diverse perspectives especially from neurodivergent users to ground 

interpretation. Without these safeguards, GenAI risks amplifying existing inequities and producing solutions that 

are elegant in code but exclusionary in context [24]. 

Beyond its domain-specific findings, this study contributes methodologically to the evolving UXR PoV 

framework by demonstrating how purpose-built GenAI tools can scaffold each layer of the PoV pyramid from 

evidence synthesis and hypothesis generation to the articulation of stakeholder-facing narratives. The integration 

of GenAI-supported Play Cards illustrates a practical mechanism for translating complex psychological and 

behavioural evidence into actionable design artefacts that remain accessible across interdisciplinary teams.  

5 CONCLUSION AND FUTURE WORK 

This research presents a GenAI-augmented UXR framework that integrates psychological models (DBT, SDT, 

COM-B) to design emotionally adaptive systems for neurodiverse users. By aligning AI capabilities with user-

centred design methods, it reframes emotion regulation as a designable process supported through personalized, 

explainable feedback. Future work will focus on empirical validation, cross-diagnostic generalization, and the 

development of open-access toolkits for neuroinclusive design. Researchers also see potential for adapting these 

approaches within NHS settings, particularly in areas such as digital mental health triage, self-regulation support, 

and blended care models. Additionally, future iterations of this research will include systematic comparisons of 

generative AI outputs across different platforms (e.g., paid vs. free applications), analysing variances in quality, 

personalization. Team will explore how multi-prompt interactions and full-document uploads influence generative 

outcomes, aiming to identify optimal input strategies for generating therapeutically aligned content. Team 

welcome collaboration to refine this framework through real-world application and participatory research. 
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